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Abstract

Why do people cooperate with police in multiethnic societies? For scholars of
comparative politics and international relations, examining the effects of ethnicity on
patterns of conflict, cooperation, and state repression remains a foundational endeavor.
Studies show individuals who share ethnicity are more likely to cooperate to provide
public goods. Yet we do not know whether co-ethnic cooperation extends to the pro-
vision of law and order and, if so, why people might cooperate more with co-ethnic
police officers. In the context of policing, I theorize co-ethnic bias affects interactions
between people and the police because individuals prefer officers who share their ethnic-
ity and fear repression more when encountering non-co-ethnic officers. Using a conjoint
experiment in Uganda, I demonstrate that individuals prefer reporting crimes to co-
ethnic officers, even after controlling for potential confounders. Broadly, this result
is strongest among individuals with no trust in the police or the political authorities.
These findings have important implications for the politics of policing, conflict, and
social order.
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1 Introduction

One of the fundamental roles of government is to provide public goods, such as healthcare and

education. Of these goods, the provision of law and order may be one of the most important

since without security, citizens live in a state of anarchy (Hobbes 1651). In the modern

state, the police are the central actor responsible for providing law and order, and they rely

on cooperation with the community to effectively accomplish their objectives (Skogan and

Frydl 2004, Tyler 2006). This cooperation involves citizens organizing neighborhood watches,

taking note of suspicious activity, and reporting crimes. To prevent and solve crimes, the

police critically rely on information supplied by community members, and they can receive

this information only if citizens are willing to interact with them and provide it.

Given these requirements for the effective provision of law and order, policing is partic-

ularly tricky in multi-ethnic communities. Very often, officers must work in areas mostly

populated by those who do not share their ethnicity. Much of the recent work on ethnicity

and public goods – while not addressing the provision of law and order directly – would lead

us to expect that cooperation would be difficult in such areas (Alesina, Baqir and Easterly

1999, Habyarimana et al. 2007, Miguel and Gugerty 2005). We, in fact, have some evidence

of this. Results from a nationally representative list experiment in Uganda show that an

estimated 42 percent of Ugandans think that people do not report crimes to the police be-

cause officers are not from their community or area (details in Appendix). Citizens display

the same co-ethnic bias in the provision of law and order as they do in other types of public

goods.

The question is: Why? Co-ethnic bias may be the result of simply affinity or of more

strategic considerations of citizens who care about their ability to socially sanction free-

riding or defection (Alesina, Baqir and Easterly 1999, Fearon and Laitin 1996, Habyarimana

et al. 2007). While these are important factors, I argue that there is something else that

explains co-ethnic bias in cooperation with the police in some states. When political leaders

use the police for political purposes in multi-ethnic states, they are likely either to stack
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the police force with their co-ethnic loyalists or to shuffle officers so that the most loyal

are responsible for areas with the most political opposition (Blaydes 2018, Greitens 2016,

Hassan 2017, Quinlivan 1999, Roessler 2011). In either case, the result is that some areas are

characterized by police operating in non-co-ethnic communities playing a dual role: providing

law and order and repressing political dissent.

For citizens, cooperation with the police then presents a dilemma: they may interact with

the police by providing useful information, lowering ordinary crime. But such interactions

make them more visible to the very agents of repression employed by political authorities. For

most citizens who just want to get on with their daily lives, they would rather stay invisible

to such actors. Consequently, I argue that in multi-ethnic states with politically-employed

police, the co-ethnic bias of citizens in their interactions with the police may be motivated not

only by affinity or sanctioning concerns (i.e., the reasons identified in the extant literature),

but also by their fear and lack of trust in both the police and their political authorities.

Studying the politics of policing, especially in politically repressive states, raises similar

ethical, logistical, and methodological challenges as conducting research in conflict environ-

ments.1 First, the availability and access to observational data on police activity is limited.

Second, the sensitive nature of police interactions renders observational measures of behavior

suspect: individuals are unlikely to discuss their “true preferences” relating to police if they

fear potential retaliation, making it difficult to solicit “truthful” responses.2 Third, given

the political context, any study of such a sensitive topic must be careful not to endanger

respondents.

To overcome these challenges, I employ a conjoint survey experiment in Uganda to assess

whether ethnicity affects people’s preference for interacting with police officers.3 The conjoint

experiment examines whether people are more likely to report crimes to officers who share

1Recent work addresses challenges of researching in conflict zones (Blair and Imai 2012, Blair, Imai and
Lyall 2014, Bullock, Imai and Shapiro 2011, DeMaio 1984, Lyall, Blair and Imai 2013).

2Two threats to inference are social desirability bias and preference falsification; respondents say what
they think they are supposed to say either to avoid social sanction or gain a reward.

3The survey experiment was pre-registered with Evidence with Governance and Politics (EGAP).
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their ethnicity relative to non-co-ethnic officers. And if so, to what extent mistrust in the

political authorities and the police affects that co-ethnic bias. The study provides robust

evidence not only of people’s co-ethnic bias in dealing with the police, but also that the

strength of this bias is conditioned by people’s level of trust toward the state. In Uganda,

respondents who mistrust the Uganda Police Force or President Yoweri Museveni have a

stronger preference for officers who share their ethnicity.

The findings here make an empirical contribution both to studies of ethnic politics and

comparative policing. Co-ethnic bias in interactions has always been theorized to be sig-

nificant. In showing that ethnicity is a much stronger predictor of respondents’ choice over

other demographic characteristics of officers and their willingness to pay, I join recent work

that carefully identifies just how strong the pull of ethnicity is in this context (Condra and

Linardi 2019, Habyarimana et al. 2007, Lyall, Shiraito and Imai 2015). I also demonstrate

that mistrust in the government broadly increases people’s co-ethnic bias. This suggests that

fear does more than deter dissent (Young 2019), it also adversely affects people’s perception

of the police.

This account also has ramifications for our theoretical approaches to understanding inter-

actions within and across ethnic groups. More specifically, the source of co-ethnic bias may

depend on the political context of the interaction. Like studies on police in democracies, de-

pends on trust in police (Mazerolle et al. 2013, Tyler 2006). But here I also show that when

police are part of political apparatus, also depends on trust in political authorities. Affinity

and concerns about sanctioning uncooperative behavior may be generally important. But

specific political context can provide additional reasons for why cooperation among ethnic

groups may be difficult to sustain.

In what follows, I elaborate on the argument and follow with a brief discussion on Uganda:

the details that both explain its appropriateness as a case and contextualize the conjoint

experiment. After discussing the design and results of the experiment, I also review various

alternative explanations. In the conclusion, I consider the implications of these findings for
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the effectiveness of police and political leaders in achieving their goals.

2 Theory

The provision of law and order is one of the most important and basic public goods that

the government provides (Hobbes 1651, Weber 1946). Police are the agents tasked with

providing it; however, they rely on cooperation from individuals. I define cooperation in this

context as citizens working with police (or other state security forces) to provide law and

order. This cooperation includes organizing neighborhood watches, providing information on

suspicious activity or persons, and reporting crimes. Although police are the agents tasked

with providing law and order, their capacity to do so depends on their ability to foster

cooperation from communities where they are policing.

Cooperation between citizens and police in the provision of law enforcement is especially

tricky in multi-ethnic states in which political leaders have not displayed a commitment to

democratic turnover in office (e.g., unconsolidated democracies, dictatorships) and use the

police for political ends. In these environments, ethnic identity influences the behavior of

actors at all levels. For political leaders who are trying to remain in power (often against

popular will), the police are an important institution by which they can monitor, control, and

repress political opposition. The Chinese government, for example, relies on their police to

combat religious extremism, cracking down on religious practices in Xinjiang Province asso-

ciated with the Uighur culture and traditions. Governments in Burundi, Ethiopia, Rwanda,

Tanzania, and Zimbabwe have used their police to restrict public spaces associated with

political dissent, intimidating opposition supporters during elections, arresting and even tor-

turing political opposition leaders. To ensure that the police – and other parts of the security

apparatus – serve as a reliable pillar of their rule, leaders in multi-ethnic states frequently

over-staff these institutions with loyalists from their (or allied) ethnic groups (Greitens 2016,

Quinlivan 1999, Roessler 2011). When demographic limitations make stacking difficult,
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leaders can resort to shuffling around officers so that dissident areas are policed by loyalists,

particularly during politically sensitive moments (Hassan 2017).

For police officers, their behavior towards citizens may be conditional on whether they

share ethnic ties. The broader literature on ethnic politics suggests that co-ethnics may

be more willing to cooperate with each other due to affinity or strategic considerations

(Alesina, Baqir and Easterly 1999, Fearon and Laitin 1996, Habyarimana et al. 2007). In

this context, police officers may be more willing to solve crimes on behalf of their co-ethnics

and less willing to repress them. Ethnicity also shapes wartime attitudes about informing

and beliefs about retaliation (Lyall, Shiraito and Imai 2015). Even in high-risk settings, such

as conflict, identity consideration still affect people’s attitudes and behaviors (Arriola 2013,

Lyall, Shiraito and Imai 2015). It is precisely for the latter reason that leaders engage in

stacking and shuffling.

For citizens, ethnicity affects their beliefs about the role of police in the community.

The ethnicity of the police officer likely shapes people’s expectations about the interaction

and the eventual outcome. People might expect co-ethnic police will exert more effort for a

co-ethnic or that co-ethnic officers will be more effective.4 Additionally, people might have

the expectation that a co-ethnic officer will be less likely to extort bribes from a co-ethnic.

Finally, people might just have some affection or affinity for co-ethnic officers rooted in shared

ethnic ties. In general, we should expect individuals to prefer cooperating with co-ethnics in

the provision of law and order because they believe co-ethnics will be more helpful or more

effective relative to a non-co-ethnic officer. This idea dovetails with more general arguments

about the role of ethnicity, cooperation and the provision of public goods (Alesina, Baqir

and Easterly 1999, Fearon and Laitin 1996, Habyarimana et al. 2007).

The added wrinkle for citizens in this context is that they are aware of the dual role of

police: that the police are there to provide law enforcement to the benefit of the community,

but also to monitor and control dissent to the benefit of the political authorities. So inter-

4Co-ethnic officers might be able to engender cooperation from potential witnesses because they speak
the same language and are embedded in the same social networks.
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acting with police – by providing information, organizing neighborhood watches – may help

the community, but also makes individuals more known and visible to agents of repression.

So civilians must weigh whether they believe police officers they encounter serve as “street

level bureaucrats” providing security as a public good (Lipsky 1971) or repressive agents

ensuring the incumbent’s survival (Blaydes 2018, Greitens 2016, Hassan 2017).

In this context, ethnic identity functions as a cue for citizens. Shared ethnicity engenders

beliefs that the officers are likely to be more effective in helping them and to treat them well.

In other words, when encountering officers who share their ethnicity, people should be more

confident of the officers’ role to provide safety and security. However, encountering non-co-

ethnic officers might remind people that police also function as agents of repression, which

likely undermines trust in police and policing effectiveness.5 For citizens, this reasoning for

favoring co-ethnics exists not only for reasons of affinity or effectiveness, but also due to fear

and trust in the police and political authorities.

The criminology literature – based on the study of police in developed democracies –

suggests that people cooperate more with the police when they trust them and view them as

legitimate authorities. Whether citizens believe police are legitimate depends on how police

treat people and exercise their authority (Tyler 2006). Negative interactions, for example,

undermine citizens’ confidence in the police (Skogan and Frydl 2004, Tyler 2003, 2004).

Other studies suggest that police are viewed as less legitimate if they are perceived to be

normatively misaligned with the communities they are policing (Huq, Jackson and Trinkner

2016, Jackson et al. 2012).6

In unconsolidated democracies and autocracies, I argue that citizens’ trust in political

authorities such as the executive and the courts in addition to their trust in the police is

5I define policing effectiveness as the ability of police officers to do their job; including, gathering in-
formation, deterring crimes, protecting communities, and even effectively monitoring and targeting political
dissidents.

6In the United States context, there is a wide gap between how much Black, Native American, and
Latinx minorities trust and support the police compared to Whites, as minorities are less likely to express
trust in the police (Garofalo 1977, Huang and Vaughn 1996, Schuman 1997, Tyler 2005). For additional
studies on the challenges of policing even in democracies, see Prowse, Weaver and Meares (2019), Schneider
(2014), Soss and Weaver (2017)
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important because citizens know that leaders use the police to serve their own ends. When

citizens mistrust their leaders, their distrust of non-co-ethnic police is magnified since the

police serve as agents of these leaders. An individual becomes unwilling to make “herself

vulnerable to another individual, group, or institution that has the capacity to do her harm

or betray her” (Levi and Stoker 2000, 476). People who mistrust the regime – fear the

potential for repression – should be less willing to make themselves vulnerable to the police

unless they are co-ethnic police officers who they expect will be more helpful and present

a lower risk of repression. So while there is a baseline tendency to favor interaction with

co-ethnics (due to affinity and concerns about effectiveness), this bias is exacerbated among

those who are especially fearful of the regime and its security apparatus.

Consequently, ethnicity affects people’s perception of police and their willingness to co-

operate in the provision of law and order. Specifically, I hypothesize: (1) people will prefer

to report crimes to co-ethnic police officers relative to non-co-ethnic officers, and (2) the

effects of ethnicity will increase in magnitude with greater degrees of mistrust in the police

and mistrust in political authorities.

3 The case of Uganda

Uganda is an ethnically diverse society (See Table 3 in the online appendix). There are at

least 65 ethnic groups in Uganda. President Museveni is from the Banyankole ethnic group,

which composes only 9.6%.7 The Baganda ethnic group is Uganda’s largest ethnic group,

composing approximately 16.5% of Uganda’s population. Moreover, ethnic-related conflicts

have shaped Uganda since independence in 1962, including a series of military coups and

violent regime changes.

Historically, ethnic divisions have existed since independence between the Bantu people

of the South and the Nilotic people of the North. Previous regimes in Uganda including those

7Museveni is from the Banyankole (father) and Banyarwanda (mother) ethnic groups. Both ethnic groups
are subgroups of the Bantu peoples.
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led by Milton Obote and Idi Amin ethnically stacked their security forces with loyalists to

maintain power (Avirgan and Honey 1982, Kasozi 1994). Until the current administration,

the security forces were composed predominantly of Langi and Acholi officers from northern

Uganda.

Similar to the previous regimes, the current regime is led by political authorities who will

stop at nothing to stay in power. Yoweri Museveni and the National Resistance Movement

(NRM) have maintained control since 1986. Figure 1 compares the Variety of Democracy’s

electoral democracy index for eight countries from 1970 to 2017: Burundi, Ethiopia, Kenya,

Rwanda, Tanzania, Uganda, Zambia, and Zimbabwe. In 2017, Uganda (light blue line) has a

higher democracy score than Burundi, Ethiopia, Rwanda, and Zimbabwe, a lower score than

Kenya and Tanzania, and comparable score to Zambia. The electoral index varies between

countries and over time. Since Museveni came to power, Uganda’s electoral democracy index

has ranged from 0.128 to 0.358 (Coppedge et al. 2018). Multiparty elections were first held

in 2006; however, Uganda remains an electoral autocracy.8 Museveni won the last three

elections with an average vote-share of 60.27%; however, elections were generally panned by

international and domestic observers as lacking electoral credibility and the political rights

of various opposition groups were violated by security agents.

How has ethnicity shaped politics under Museveni? Museveni and the NRM came to

power in 1986 after ousting president Tito Okello who is from the Acholi ethnic group.

Broadly, the Acholi people had been loyal to the previous Obote administration until two

Acholi Commanders, Bazilio Olara-Okello and Tito Lutwa Okello, launched the 1985 coup

that ousted president Milton Obote. Tito Okello took control of the country and ruled as

president for six months until he was overthrown by the National Resistance Army (NRA)

led by Yoweri Museveni.

Under Museveni, the NRM have stayed in power by co-opting political opponents and

892% of voters approved the introduction of a multiparty system by referendum in July 2005. Only 42%
of the electorate voted in the 2005 referendum but those who did vote wanted a marked departure from the
2000 referendum where 90.7% voters wanted a “Movement” not a “Multiparty” political system. Electoral
index ranges from 0 to 1, electoral democracy is not achieved to fully achieved (Coppedge et al. 2018).
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Figure 1: Comparisons of Electoral Democracy Score (1970-2017)
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repressing dissent. In 1986 when the NRM took power, the political authorities purged the

police force of those loyal to the previous administration, reducing the number of police

officers from about approximately 10,000 to 3,000. Specifically, Langi and Acholi officers

with ties to Okello or Obote were disbanded and replaced. Between 1986 to 2005, the police

force grew from 3,000 to 14,000 (UPF 2019). Especially in the early years of the NRM,

the security forces were primarily recruited from the Bantu peoples, including ethnic groups

such as the Baganda, Banyankole, Banyoro, Bakonjo, Basoga, and Bakiga among others. In

2001 the NRM leadership split when Kizza Besigye (who is from the Bahororo ethnic group)

ran against Museveni in the election. The political authorities faced two threats: first, the

security threat led by insurgents in the north; and on second, the political threat associated

with the opposition political party led by Besigye.

As the regime restaffed the police force, they had to include individuals from numerous

ethnic groups. The police force increased to approximately 44,898 officers by April 2016.

Theories of stacking would expect that Museveni would stack his personal security apparatus

with co-ethnics in order to police Uganda; however, due to the size of his ethnic group,
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composing under 10% of the population, he has to enlist people from other ethnic groups.9

In preparation for the 2021 presidential election, the UPF are recruiting an additional 4,500

officers. However, the police spokesperson said that only 195 recruits will be selected from

the Acholi Sub-region, reflecting the under-representation of northern Ugandans within the

police force (Ocungi 2019).10

Are the police forces involved in repression in Uganda? In many ways, the police are the

security sector most likely to engage in the daily activities associated with repressing dissent.

From January 1997 to July 2018 (See Figure 2), data show that the UPDF and UPF were

collectively involved in 2,377 events of political violence and social unrest, with the UPF

involved in 30% of them (Raleigh et al. 2010). There are concerns with under-reporting

within events data; however, the ACLED data show important variation regarding which

state agency engages in repression. The UPDF conducted more political violence events than

the UPF; however, nearly all (94.2%) were battle-related or remote violence events rather

than events we associate with state repression. Considering those involving the UPF, a vast

majority (87%) are categorized as events associated with state repression.

Moreover, civil society organizations have highlighted the UPF’s role in violating human

rights to repress political dissent and restrict political freedoms. The Human Rights Network

for Journalists-Uganda (HRNJ-Uganda) recorded 135 violations against journalist and media

outlets in 2016 (HRNJ-Uganda 2017a). They included violations by state and non-state

actors; 61% of the violations against press freedom were perpetrated by the UPF.11

9Beyond his presidential guard, Museveni could conceivably stack elite squads within the police force like
the rapid response or flying squad units – the latter only had 161 officers in 2016. However, he is unable to staff
the entire police force with Banyankole officers. Data on the ethnic composition and rotation of deployments
are not available; however, evidence gathered from newspaper reports and interviews conducted in 2018 with
UPF officers shows the government regularly shuffles both junior and senior UPF officers. The Inspector
General of Police (IGP) leads the UPF while under the direct control of the president. The former IGP Kale
Kayihura shuffled 70 highly ranked police officers in April 2017 (Daily Monitor 2018). A year later, the new
Inspector General of Police Okoth Ochola shuffled officers including 96 senior police officers in April 2018
(The Observer 2018). Similarly, 142 senior officers were reshuffled in the latest police transfers in January
2019 (Kazibwe 2019).

10The Acholi Sub-region is one of 15 Sub-regions in Uganda and composes approximately 4.8% of the
population and eight districts: Agago, Amuru, Gulu, Lamwo, Pader, Kitgum, Nwoya, and Omoro..

11Other state agents were responsible for violating press freedoms, including the UPDF (1.5%), Resident
District Commissioner (2.2%), Judiciary (2.2%), Local Council (0.7%), and Uganda’s Prison Services (0.7%).
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Figure 2: Political Violence and Social Unrest Events, January 1997 to July 2018
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presence of perpetrators. 3) Riots/protests include political events involving either protesters or rioters, depending on whether it is violent. 4) Strategic development captures
events that are “important within a state’s political history, and may be triggers of future events, but are not directly violent.” 5) Violence against civilians are events involving
deliberate violent acts perpetrated by an organized political group such as a rebel, militia or government force against unarmed non-combatants.
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Widespread allegations of police abuse include torture and political arrests. HRJN-

Uganda reported that “most of the violations, especially those that involved assault to

journalists, happened in politically charged regions especially during the electoral period”

(HRNJ-Uganda 2016, 38).12 Police abuses included among others, 45 arrests and deten-

tions; 21 incidents of assault; and seven cases of malicious damage to journalists’ equipment

(HRNJ-Uganda 2017b, 8). The Uganda Human Right Commission collected more than 1,000

allegations of torture tied to the UPF between 2012 and 2016 (Spencer 2018). The Africa

Centre for Treatment and Rehabilitation of Torture Victims processed nearly double this

count of allegations against the UPF with the majority of allegation received in their office

in Gulu District (Spencer 2018).

One prominent example of police abuse occurred in Kayunga in 2009. Security forces

consisting primarily of police officers used live fire to deter protests in Kayunga. Hospitals in

the area reported treating more than 88 victims following the violence, the vast majority for

gunshot wounds. The official government statement was that 27 people died resulting from

security forces’ “stray bullets” (Barnett 2018), although some estimate more than 40 died.

Rather than investigating the excessive use of force, police targeted protesters, arresting

almost 850 citizens suspected of participating in the unrest (Barnett 2018).

But do people connect repression by police with concerns about their own security?

On one hand they may interact with the police by providing useful information, lowering

ordinary crime. But on the other, such interactions make them more visible to the very

agents of repression employed by political authorities. This is difficult to measure as it is

hard to ask directly. However, two recent studies provide some support. First, in a nationally

representative survey experiment, Curtice and Berhlendorf (2018) find that excessive police

force at a rally decreases people’s support of the police and increases their willingness to

publicly criticize or protest the police’s actions. Second, in another study, Curtice (2019)

12In 2017, HRNJ-Uganda reported the UPF were again the leading violators of media freedoms accounting
for 83 cases out 113 (73%), the Uganda Communications Commission (UCC) and the Judiciary followed in
distant second and third positions with six (5.3%) and four (3.5%) cases respectively.
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demonstrates that repression by the police in Uganda against opposition leaders negatively

affects citizens’ attitudes about their obligation to comply with police and their perceptions

about whether police are procedurally fair and legitimate. Moreover, he finds these effects

are largely driven by partisanship; repression has a stronger effect on how non-supporters

evaluate the police relative to incumbent-supporters. These studies provide some indirect

evidence that repression affects people’s perception of the police.

Why conduct the study in Gulu district? I administered my study in Gulu district,

Uganda for several reasons. First, it is an area dominated by one ethnic group: Acholi.

Second, as mentioned earlier, the Acholi are historically in opposition to Museveni. Third,

there is variation in how people view the regime because of the civil war.

When Museveni came to power, tensions grew between the political authorities and ethnic

groups in the north, including Acholi and Langi officers, among others. The NRM’s rise to

power sparked a spate of insurgencies throughout the north. Most notably the rebellion led

by Joseph Kony and the Lord’s Resistance Army, which was largely composed of Acholi

fighters and affected northern Uganda for over twenty years. As a result of the conflict,

over an estimated 1.2 million people were forced into internally displacement camps. The

conflict between the government and the LRA further escalated in 2002, when the army

launched “Operation Iron Fist,” a large-scale offensive, against the LRA bases in southern

Sudan. During this escalation, the Acholi communities experienced sustained abuse and

human rights violations from both the insurgents and the government forces (Finnström

2008). Although Joseph Kony refused to sign the final peace agreement, the Juba Peace

Talks, unfolding from July 2006 to April 2008, largely brought an end to the conflict.

Consequently, there is important variation in who Acholi people blame for the conflict.

On one hand, some people blame the rebels for the civilian victimization that occurred

during the conflict. On the other, people express frustration in the government for directly

committing abuse and for failing to protect them. Gulu District, in particular, is interesting.

Broadly, Gulu district remains an opposition stronghold and people there express ongoing

13



concern about the human rights abuses committed by security forces in the country.

However, there is a sizeable level of support for the incumbent government among those

who credit the government for bringing stability and ending the conflict. Moreover, the

political authorities have recruited additional police officers from the north as political op-

position has increased in other areas of Uganda. In general, by studying the politics of

policing in Uganda, I am able to examine the effects of ethnicity on people’s willingness to

cooperate with police in an un-consolidated democracy. By focusing on studying policing in

Gulu district, I am able to examine within group variation of co-ethnic bias depending on

individuals’ level of mistrust in the government.

4 A Conjoint Experiment

Co-ethnic bias exists for various reasons. However, people’s security dilemma when inter-

acting with police in unconsolidated democracies and autocracies likely amplifies it. Con-

sequently, people will be more likely to cooperate with officers who share their ethnicity

relative to non-co-ethnic officers. Moreover, I expect the effect of ethnicity to be stronger

among those who do not trust the government. I test these implications by examining how

police officer characteristics affect people’s preferences for reporting crimes.

4.1 Experimental Design

This study (N=983) was administered in 45 parishes across 22 sub-counties of Gulu District,

Uganda.13 We selected approximately two villages within each selected parish within the

sub-counties identified for the study by the Local Council V (LC5). The sample includes

983 household surveys.

Data were collected in October 2018 and February 2019. Data were collected using

structured questionnaires with face-to-face interviews conducted by a well-respected Ugan-

13In the online appendix, I further elaborate on my sample selection and rational for conducting the study
in Gulu district.
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dan non-governmental organization. Enumerators rotated male and female respondents to

ensure that the sample was balanced with an equal number of male and female participants.14

We collected pre-test data regarding how respondents perceive the relationship between the

community and police, their level of institutional trust in police and other government in-

stitutions, their level of political engagement, and various other relevant demographics. We

then administered the study.

The study employs a choice-based conjoint design to explore whether ethnicity affects

individuals’ attitudes and behavior towards the police. The experiment has respondents

imagine that they have experienced a robbery and then asks them to decide between pairs of

police officers at the police station to whom they would report the crime. Officer profiles were

randomly assigned along five relevant attributes: ethnicity, gender, age, rank, and willingness

to pay for information. Additionally, I vary the ethnicity of the robber by using geographic

cues. Rather than explicitly cuing ethnicity, I employ surnames and geographical cues as

contextual indicators for ethnicity.15 Surnames signal ethnicity and gender. Odong and

Adong, for example, signal a male and female officer from the respondents’ Acholi ethnic

group. Kato and Nakato cue a male and female officer who is from the Baganda ethnic

group.16

Participants were read the following prompt:

Prompt: This study considers how communities report crime to the police. For the next
few minutes, we are going to ask you to imagine that you were recently robbed. You know
where the robber might be from but do not know the robber. You plan to go to the police
station to report the details of the robbery. When you go to the police station to report the
crime, there will be two police officers. You will find out some basic information about these
officers and you will need to decide to which officer you would prefer to report the robbery.
The activity is purely hypothetical. Even if you aren’t entirely sure, please indicate which of
the two officers you prefer.

14Comparing co-ethnic bias between Acholi (the main ethnic group in Gulu) and Banyankole (Museveni’s
ethnic group) would be theoretically ideal. Recent political unrest precluded me from using Museveni’s
ethnic group. A more socially sensitive approach was to test focus on a different ethnic group rather than
Museveni’s. I examine the relationship between the Acholi and Baganda ethnic groups. The Baganda ethnic
group is the most populous and a likely source for police recruits. To the extent that co-ethnic bias operates
through mistrust mechanism associated with outsiders potentially using repression, this design biases against
finding support, compared to if I used Museveni’s ethnic group.

15Ethnic affiliation are strongly ties to names and regions (Carlson 2015).
16Plural members of the Baganda ethnic group are Baganda; however, a single member is Muganda.
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Respondents were presented the profiles of two police officers and geographical origin of

two robbers.

After reading the scenario profiles, they were asked the following question:

Question: If you had to choose between them at the station, which of these two officers
would you personally prefer reporting the crime to?

Respondents answered by selecting Officer 1 or Officer 2. For each comparison, I randomly

assign the geographical origin of the robber and the attributes of each police officer to ensure

variation within and across comparisons. Table 1 provides the list of attributes for the

study.17 Officer attributes randomly vary for each profile and respondents indicate which

officer to whom they would prefer reporting, given the varying attributes. The unit of

analysis is the officer profile.

Table 1: Attributes for Conjoint Experiment

Officer’s name Odong (Male co-ethnic officer)
Adong (Female co-ethnic officer)
Kato (Male non-co-ethnic officer)
Nakato (Female non-co-ethnic officer)

Rank Junior Officer
Senior Officer

Pays reward for information Always
Very often
Sometimes
Rarely
Never

Age 23
35
47

Gender Male
Female

Robber’s geographical origin Mukono (non-co-ethnic)
Pader (Coethnic)

Note: This table shows the attribute values used to generate the police officer
profiles for the conjoint experiment and the robber’s geographic origin.

17Theoretically, there are 480 unique police officer profiles. English prompt and directions provided.
Face-to-face interviews conducted in Acholi, English or both, depending on the preference of the respondent.
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4.2 Analysis and Results

Each respondent, denoted as i, is presented with K choice tasks, and in each of their tasks

the respondent chooses the most preferred of J alternatives. Each choice alternative is a

profile. The unit of analysis is the rated police officer profile. Each respondent completed

five choice tasks generating 10 alternative profiles. The sample with 983 respondents includes

9,830 observations. However, for the analysis, I subset the data to include only respondents

who are Acholi, leaving 937 respondents (95.3% of participants) and 9,370 observations for

the study.18 I cluster robust standard errors by the respondent to have accurate variance

estimates.

I estimate average marginal component effects (AMCEs), which is the average differ-

ence in the probability that the police officer is selected when comparing the variants of

an attribute (i.e., Odong and Kato).19 Estimates are based on the benchmark ordinary

least squares model in Equation 1. The dependent variable is an indicator variable, which I

code as 1 if Police Officer ijk is selected and 0 otherwise. Independent variables are binary

indicators. I employed a completely independent randomization.20

Police Officerijk = θ0 + θ1[Odongijt] + θ2[Adongijk] + θ3[Nakatoijk] + θ4[Seniorijk]

+ θ5[Ageijk = 35] + θ6[Ageijk = 47] + θ7[Paymentijk = Rarely]

+ θ8[Paymentijk = Sometimes] + θ9[Paymentijk = Very Often]

+ θ10[Paymentijk = Always] + θ11[Robberijk = Pader] + εijk

(1)

Figure 3 shows the results of the baseline model for all Acholi respondents. Dots indi-

cate point estimates and thin and thick lines illustrate respective 95% and 90% confidence

intervals for the AMCE of each attribute value on the probability that respondents selected

a particular officer to whom they prefer reporting crime. The main theoretical variables of

interest are Odong and Adong, indicating the officer is either a male or female co-ethnic

18The objective was to survey only Acholi respondents; however, 4.7% of respondents were not Acholi.
19This statistical approach is explained in Hainmueller, Hopkins and Yamamoto (2014).
20The randomization did not involve any restrictions on the possible attribute combinations, meaning the

attributes are mutually independent.
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Acholi officer, respectively. Nakato indicates a female non-co-ethnic officer.

Figure 3: Effects of Police Attributes on the Probability of Being Selected by Respondent

Coethnic criminal

Always pays for information

Very often pays for information

Sometimes pays for information

Rarely pays for information

47 years old

35 years old

Senior

Nakato (Female non−coethnic officer)

Adong (Female coethnic officer)

Odong (Male coethnic officer)

−0.1 0.0 0.1 0.2
Effect on Pr(Officer preferred)

Note: This plot shows estimates of the effects of the randomly assigned officer attribute values on the
probability of being selected by respondent. Estimates are based on the benchmark OLS model with robust
standard errors (CR2) clustered by respondent. Bars represent respective 95% confidence intervals. Excluded
categories: non-co-ethnic male junior officer who is 23 years old and never pays for information and the
criminal is non-co-ethnic.

My main hypothesis is that people prefer reporting crimes to officers who shared their

ethnicity relative to non-co-ethnic officers. The conjoint experiment provides strong evidence

that respondents preferred co-ethnic officers. A co-ethnic male officer is 11.8 percentage

points (SE = 1.65) more likely to be selected than a non-co-ethnic male officer. Similarly, a

co-ethnic female officer is 10.43 percentage points (SE=1.68) more likely to be selected than

a non-co-ethnic male officer. There is no discernible difference between male and female

non-co-ethnic Baganda officers.

Considering the other officer characteristics provides additional information about re-

spondents’ preferences. First, senior officers were 3.5 percentage points (SE=1.35) more

likely to be selected compared to junior officers. Second, respondents preferred older officers.

Relative to the 23 year old baseline officer, respondents preferred 35 and 47 year old officers

4.83 percentage points (SE = 1.31) and 4.19 percentage points (SE = 1.35) more, respec-
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tively. Fourth, considering officers who pay for information, respondents preferred officers

who always paid rewards for information 3.15 percentage points (SE = 1.92). Broadly, these

findings align with my registered pre-analysis expectations. People prefer reporting to officers

who have more experience and are motivated, in part, by material incentives. Analysis of the

conjoint experiment shows robust evidence that respondents preferred officers who shared

their ethnicity. Even after controlling for several confounders, Acholi respondents selected

co-ethnic police officers more frequently than non-co-ethnic officers. Broadly, these results

are reassuring because they comport with what we might expect about people’s preference

for more experienced officers.21

4.3 Conditional Effects of Mistrust

To what extent does mistrust in the regime condition co-ethnic bias? If co-ethnic bias

operates only through ethnic affinity or within group sanctioning, it should be constant

across respondents’ level of trust in the regime. I theorize that concerns about the political

objectives of the police should increase co-ethnic bias, especially among those who mistrust

the political authorities or the police. Using pre-test measures of respondents’ trust in

political institutions, I construct three binary variables that capture their mistrust of three

political authorities: the incumbent, the police, and the courts. Mistrust President is coded

as 1 if the respondent said they have no trust in the president and 0 if they expressed any

level of trust in the president. Mistrust Police is coded as 1 if the respondent said they

have no trust in the police and 0 if they expressed any level of trust in the police. Finally,

Mistrust Courts is coded as 1 if the respondent said they have no trust in the courts and 0 if

they expressed any level of trust in the courts.22 Among those who answered the questions,

21Moreover, the robber’s ethnicity is insignificant in each of the models suggesting that people focused on
the characteristics of the police officer.

22When asked about their level of trust, respondents had four response categories: no trust, a little trust,
quite a bit of trust, and a lot of trust. I present the heterogeneous effects across all four categories in the
appendix Table 9. Ten people did not answer whether they trusted the president, six people did not answer
whether they trust the police, and 55 did not answer regarding the courts. Non-responses are excluded from
the analysis.
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20.6% said they had no trust in the president. Similarly, 20.5% and 22.1% said they had no

trust in the police or the courts, respectively.

Additionally, I construct an indicator, Co-ethnic Officerijt for whether the officer has the

same ethnicity as the respondent, which I code as 1 if Odong or Adong and 0 otherwise.

Next, I estimate AMCEs from Equation 1 using Co-ethnic Officerijt rather than Odong,

Adong, and Nakato. The excluded profile is now a non-co-ethnic junior officer who is 23

years old and never pays for information and the criminal is a non-co-ethnic. Model 1 in

Table 2 shows that respondents prefer a co-ethnic officer 10.93 percentage points (SE=1.28)

more than a non-co-ethnic officer.

To assess whether the effects of ethnicity increase among those who mistrust political

authorities, I estimate three additional models that interact Mistrust President, Mistrust

Police, and Mistrust Courts with the profile attributes (Table 2). The two main coefficients

of interest in each of these models are Co-ethnic Officer and the respective interaction term

between Co-ethnic Officer and Mistrust. I hypothesized that we should observe a positive

effect on co-ethnic bias for those who mistrust the political authorities and the police. Table

2 show the OLS estimates with the interaction terms by mistrust in President Museveni

(Model 2), the police (Model 3), and the courts (Model 4).23

The results are as expected, people who said they have no trust in the president, the

police and the courts have a stronger preference for officers who share their ethnicity. In

particular, respondents with expressed any level of trust in the president, the police, or the

courts still preferred co-ethnic officers 9.45 percentage points (SE=1.45), 9.38 percentage

points (SE=1.42), and 8.17 percentage points (SE=1.42) more than non-co-ethnic officers,

respectively. These results support more general arguments about the role of ethnicity,

cooperation and the provision of public goods. However, this only captures part of the

story. Considering the interaction term shows that co-ethnic bias increases among those

who mistrust the political authorities. To assess whether mistrust in the president has a

23Only the relevant constituent terms and interactions are shown. The full models are reported in the
appendix (See Table 8).
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Table 2: Conditioning Effects of Mistrust on Co-ethnic Bias

Model 1 Model 2 Model 3 Model 4
(Baseline) (President) (Police) (Courts)

Co-ethnic Officer 0.1093∗∗∗ 0.0945∗∗∗ 0.0938∗∗∗ 0.0817∗∗∗

(0.0128) (0.0145) (0.0142) (0.0142)
Mistrust President −0.0082

(0.0395)
Co-ethnic Officer×Mistrust President 0.0709∗

(0.0312)
Mistrust Police −0.0347

(0.0439)
Co-ethnic Officer×Mistrust Police 0.0756∗

(0.0320)
Mistrust Courts −0.0094

(0.0424)
Co-ethnic Officer×Mistrust Courts 0.0838∗

(0.0336)
Num. obs. 9370 9270 9310 8820

Notes: Estimates are based on the benchmark OLS model with robust standard errors (CR2) clustered by
respondent. Only the relevant constituent terms and their interaction with trust are shown ∗∗∗p < 0.001,
∗∗p < 0.01, ∗p < 0.05. Excluded category: Non-co-ethnic junior officer who is 23 years old and never pays
for information and the criminal is non-co-ethnic.

21



conditional effect on respondents’ preference for co-ethnic officers, I sum the coefficients

for Co-ethnic Officer and the corresponding interaction in Model 2. Relative to a non-co-

ethnic officer, respondents who have no trust in the president preferred co-ethnic officers

16.54 percentage points.24 As hypothesized, the effects of ethnicity do increase in magnitude

among those who have no trust in the president.

Moreover, Models 3 and 4 demonstrate the same empirical pattern among people who

expressed no trust in the police or the courts. Respondents with no trust in the police

preferred officers who shared their ethnicity 16.94 percentage points more than a non-co-

ethnic officer. Similarly, participants with no trust in the courts preferred officers who

shared their ethnicity 16.55 percentage points more than a non-co-ethnic officer.25 This

analysis provides robust evidence that the co-ethnic bias of citizens in their interactions

with the police are motivated by their fear and lack of trust in both the police and their

political authorities in addition to the affinity or sanctioning concerns identified in the extant

literature.

4.4 Discussion

In this section, I discuss my results, robustness checks, and alternative interpretations of my

main findings that people prefer reporting crimes to a co-ethnic officer relative to a non-

co-ethnic officer. I describe the steps in the research design and robustness checks I took

to alleviate these concerns; the details and additional analyses can be found in my online

appendix.

First, people likely have some affection or affinity for co-ethnic officers rooted in shared

ethnic ties. This broadly comports with existing theories of ethnicity and cooperation in the

provision of public goods. My theory builds on this underlying expectation of ethnic affinity.

In fact, this is one of the reason why political authorities in unconsolidated democracies and

24The two coefficients Co-ethnic Officer and its interaction with Mistrust President are jointly significant
(p < 0.05).

25In each of these models, the two main coefficients of interest are both substantively and statistically
significant.
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autocracies stack and shuffle their security forces. Moving police officers from one area to

police another decreases their social ties and makes it more likely that they will follow orders

to repress.This analysis shows that given the opportunity people select officers who share

their ethnicity and co-ethnic bias is robust across models.

Second, affinity and social sanctioning mechanisms might explain some of the observed

co-ethnic bias (Habyarimana et al. 2009). However, If co-ethnic bias operates through beliefs

about effectiveness or social sanctioning, we should observe variation in people’s beliefs based

on which officer would be more effective at investigating crimes. Including the ethnicity of

the robber allows me to test whether co-ethnic bias varies when the officer and criminal share

ethnicity. If this matters, Acholi respondents should prefer a Muganda officer if the robber

was Muganda. Counter to these expectations, respondents strictly preferred officers who

shared their ethnicity. So it is not likely that people believed that a Muganda officer would

have ties within their community that would help them more effectively find and apprehend

a Muganda suspect.

Third, people might expect co-ethnic officers to be less likely to extort bribes from a

co-ethnic. The heterogeneous effects of mistrust in the police provide evidence for both my

theoretical mechanism that people fear repression more and an alternative mechanism that

people are more concerned about extortion when encountering non-co-ethnic officers. Two

potential reasons explain why people with no trust in the police are more likely to prefer

co-ethnic police officers. First, people might expect that co-ethnic officers will be less likely

to extort them. Second, people might expect that non-co-ethnic officers are more willing to

repress them. However, an explanation of co-ethnic bias focusing on extortion or negative

interactions between the police officer and the individual does not explain why co-ethnic bias

increases among those who mistrust the president or the courts. However, mistrust in the

political objectives of these institutions does.

Fourth, I examine the interactions between officer surnames and mistrust of the presi-

dent, the police, or the courts (See Table 10). This dis-aggregates the conditional effect of
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mistrust on co-ethnic bias by the gender of the officers. People who expressed no trust in

the incumbent or courts preferred male and female co-ethnic officers more than individuals

who expressed trust in them; however, the effect is largely driven by their selection of co-

ethnic female officers. People with no trust in the police preferred co-ethnic officers more

than those who expressed trust. However, this effect is driven by their selection of co-ethnic

male officers. While this finding does not rule out the possibility that people are concerned

about extortion, demonstrating that people with no trust in the incumbent or courts are

almost twice as likely to prefer a co-ethnic female officer relative to individuals who express

any level of trust provides evidence that concerns about repression are a part of individuals’

calculation. In this context, male officers are viewed as more likely to use repression. This

broadly comports with the logic that members of the rapid response unit are more likely to

be men in addition to images of police officers engaging in repression, for example shared on

social media platforms, are most often men. This finding supports recent work suggesting

that female officers are more likely to be seen as legitimate and trustworthy (Karim 2019).

However, one caveat of this finding is that the female officer must share ethnicity with the

community they are policing.

Fifth, one concern might be that some people are just less trusting of political institutions

in general. This is a concern for my theory if this mistrust more broadly correlates with co-

ethnic bias. To test whether mistrust in other institutions has the same conditional effect on

co-ethnic bias, I examine whether mistrust of local leaders has a similar effect on co-ethnic

bias. I examine these two institutions because they have no control over the repressive

role of police in society. If the conditional effects of ethnicity are driven by individuals’

latent mistrust, we should see the same patterns of mistrust on co-ethnic bias. However,

null effects of mistrust in these institutions should increase the plausibility of my theory.

Although positive, the interaction terms in each of these models are insignificant showing

that there is something different driving mistrust in the political authorities associated with
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policing and repression then mistrust in those with no control over the police.26 This shows it

is not mistrust in general, but mistrust in the political institutions associated with ensuring

the regime’s political survival (i.e., repressing dissent).

Sixth, some factors might shape people’s levels of trust in the government for reasons

that are not associated with repression. As highlighted by Alesina and La Ferrara (2002),

education and income should also condition individuals’ trust in political institutions. I

examine whether co-ethnic bias varies by respondents’ education and income. Models 8-10

in Table 7 (see online appendix) show co-ethnic bias decreases with increases in education.

However, the conditioning effects of income on co-ethnic bias are less clear. Co-ethnic bias

appears to be strongest for the bins of households making somewhere between 100,000 and

500,000 Ugandan shillings, (Table 14 [see online appendix]) but relatively lower for extremely

poor and wealthy respondents.27

5 Implications and Conclusion

In this paper, I contribute to the literature on ethnicity and cooperation, both theoretically

and empirically, by using a conjoint experiment in an unconsolidated democracy to demon-

strate how co-ethnic bias and trust in political institutions affect people’s preferences for

police officers. The results of the study demonstrate that people prefer reporting crimes

to co-ethnic officers relative to non-co-ethnic officers. I show co-ethnic bias is a stronger

predictor of why respondents selected to report a crime to an officer than other attributes

including: rank, age, gender, and willingness to pay rewards for information. Additionally,

participants preferred co-ethnic officers, regardless of the ethnicity of the criminal.

Moreover, the findings show that co-ethnic bias also depends on the political context

26Table 11 in the online appendix shows the conditional effects of mistrust in the sub-county chiefs and
traditional leaders on co-ethnic bias.

27Additionally, in the pre-analysis plan I registered several other expectations based on respondents’
pretest characteristics, including: 1) gender; 2) age; 3) education level; 4) income level; and 4) political
activity. I also discussed potential channels of mistrust in political institutions, including 1) previous expe-
riences with police and 2) exposure to insecurity and crime. Registered analysis is reported in the online
appendix.
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of the interactions. In un-consolidated democracies and autocracies, the police are part of

the political apparatus. As a consequence, people who mistrust the government exhibit

more co-ethnic bias in their interactions with officers. Certainly, affinity and the ability

to sanction uncooperative behavior is also important, but political considerations provide

additional reasons why inter-group cooperation is difficult to sustain.

One limitation is the study’s focus on a narrow form of citizen cooperation with police

(i.e., reporting crime). Certainly, cooperation with police involves a broader set of actions,

including: neighborhood watches, community policing initiatives, and other more reactive

and proactive ways communities partner with law enforcement. Although I expect a similar

pattern of co-ethnic bias to emerge in these broader forms of cooperation, this study does

not provide empirical evidence on these forms of cooperation. Future studies could examine

the extent to which co-ethnic cooperation is sustained in other forms of cooperation.

Broadly, these findings have implications for the politics of policing and the provision

of public goods more broadly. The results suggest that the struggle of political authorities

for political survival is at tension with their ability to provide law and order as a public

good. This underscores a costly tradeoff for political authorities between repressing dissent

and providing law and order. One implication from these results is that the more leaders

coopt the police to repress dissent the more it negatively affects their ability to provide law

and order. In particular, if leaders employ ethnicity to resolve adverse selection and moral

hazard problems associated with repression, it will likely decrease their ability of police to

engender cooperation from the community they are policing.

This tradeoff between political survival and effective policing generates costs for leaders.

After serving thirteen years as Inspector General of Police, Museveni fired his key political

operative and architect of Uganda’s security apparatus, Kale Kayihura. Kayihura was viewed

as the most powerful security agent in Uganda because of his work politicizing the police to

repress political dissent and because he supposedly was not interested in becoming president.

Kayihura ordered police officers to beat political opponents and more broadly was responsible
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for implementing the controversial Public Order Management Act, which was used to target

opposition politicians and their rights to assemble. Yet still Museveni fired him in part

because of his failure to curb growing insecurity when Museveni faced mounting pressures

over a rise of crime in the country associated with a spate of high profile murders and

kidnappings in Kampala.

The logic that mistrust in government increases co-ethnic bias in policing likely extends

to some democracies, especially states with salient ethnic or racial divisions and a history

of state violence against minority groups to suppress voter turnout or restrict freedom of

movement and other forms of political expression. This sentiment is reflected in James

Baldwin’s essay, A Report from Occupied Territory. Reporting on police abuse of Black

communities in the United States, Baldwin (1966) wrote: “The police are simply the hired

enemies of this population.” The police are present to keep the community members in their

place and “protect white business interests.” As the literature on comparative policing grows,

we need to keep in mind that the legitimacy of the monopoly of violence in addition to the

state’s ability to provide law and order are inherently political processes that depend on how

individuals view the police and their actions, especially in un-consolidated democracies and

autocracies.
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A Additional Uganda Data

In this section, I present the distribution of ethnic groups from the 2002 and 2014 census.
Uganda is an ethnically diverse society (See Table 3 in the online appendix). There are at
least 65 ethnic groups in Uganda. The Baganda ethnic group is Uganda’s largest ethnic
group, composing approximately 16.5 % of Uganda’s population.

Table 3: Ethnic Groups in Uganda

Ethnic Groups 2002 2014

# (Millions) % # (Millions) %

Baganda 4.13 17.7 5.56 16.5
Banyankole 2.33 10.0 3.22 9.6

Basoga 2.07 8.9 2.96 8.8
Bakiga 1.68 7.2 2.39 7.1
Iteso 1.57 6.7 2.36 7.0
Langi 1.49 6.4 2.13 6.3
Bagisu 1.12 4.8 1.65 4.9
Acholi 1.14 4.9 1.47 4.4

Lugbara 1.02 4.4 1.10 3.3
Other Ethnic Groups 6.76 31.4 10.8 32.1

Total 23.29 100 33.6 100
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B Conjoint Experiment

B.1 Sample selection

I selected Gulu district to hold the ethnicity of the respondent fixed as one group, so that
I could vary the ethnicity of the police officer and criminal. Examining Gulu district allows
me to focus the study on one ethnic group: the Acholi. The Acholi ethnic group experienced
years of political and economic hardship from the civil conflict from 1986 to 2008. Tradi-
tionally, the Acholi ethnic group opposed the current administration. Understanding the
dynamics in Gulu district offers important theoretical insights and policy implications that
generalize to other districts in Uganda. Only 32.7% of Gulu District voted for Museveni in
the 2016 election. Most Acholi in Gulu traditionally support opposition parties; however,
there is within ethnic group variation in people’s level of trust in the regime, as discussed in
the paper.

I selected enumerator areas by meeting with Gulu district’s local chairperson 5 (LC5) to
identify sub-counties for the study. We selected a balance of old and new sub-counties for
the study, including rural and urban areas.

B.2 Demographics and Descriptive Statistics

In this section of the appendix, I provide demographics and descriptive statistics. The
Conjoint experiment was implemented in Gulu District Uganda. Table 4 provides the number
of observations and percentage of respondents by ethnicity, gender, age, education, and
household earnings.
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Table 4: Conjoint Sample: Personal Demographics

# of Observations Percentage

Ethnicity
Acholi 937 95.32
Alur 16 1.63
Other 30 3.05
Gender
Female 535 54.43
Male 448 45.57
Age
18-24 years old 178 18.11
25-34 years old 300 30.52
35-44 years old 211 21.46
45-54 years old 156 15.87
55-64 years old 86 8.75
65-74 years old 30 3.05
75 years or older 22 2.24
Education
No formal schooling 130 13.22
Some schooling did not complete P.1 36 3.66
Some primary schooling did not complete primary 325 33.06
Completed primary did not attend secondary 182 18.51
Some secondary schooling did not complete secondary 195 19.84
Completed secondary schooling 52 5.29
Completed Post primary specialized training or Certificate 25 2.54
Completed Post secondary specialized training or Diploma 25 2.54
Completed Degree and above 13 1.32
Household Earnings
Less than 25,000 76 7.73
25,001-100,000 209 21.26
100,001-200,000 197 20.04
200,001-300,000 171 17.40
300,001-400,000 99 10.07
400,001-500,000 47 4.78
500,001-600,000 21 2.14
600,001-700,000 13 1.32
700,001-800,000 17 1.73
800,001-900,000 14 1.42
900,001-1,000,000 13 1.32
More than 1,000,001 27 2.75
Non-response (don’t read) 79 8.04
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Table 5 provides respondents’ demographics by party affiliation and whether they voted
in the last election. In addition to party affiliation and voting patterns, enumerators also
asked about other political activities including whether respondents had signed a petition
against a political party/candidate; taken part in a political party demonstration, protest,
or march; attended a political rally; helped organize a political party demonstration or
protest; expressed views on an issue by contacting a politician; expressed views on an issue
by contacting a newspaper, online blog, or online discussion board; and expressed political
views on an issue by contacting a politician; and expressed political views on an issue on
social media such as Twitter, WhatsApp, or Facebook.

Table 5: Conjoint Sample: Political Demographics

# of Observations Percentage

Party Affiliation
National Resistance Movement 426 43.34
Democratic Party 12 1.22
Forum for Democratic Change 189 19.22
Independent 194 19.73
People’s Development Party 2 0.20
People’s Progressive Party 2 0.20
Uganda People’s Congress 18 1.83
Non-response (don’t read) 133 13.53
Voted in the Last Election
Yes 793 80.67
No 179 18.21
Non-response (don’t read) 11 1.12

Table 6 provides the number of observations and percentage of respondents by experiences
with various types of insecurity ranging from hearing about violence in their community to
personally experiencing violence.

B.3 Additional Results

Table 7 provides that tabular results of the main baseline OLS model from Equation 1
(Model 1). Models 2 and 3 provide the results of the baseline model based on the gender of
the respondent. Models 4 - 6 provide results by the respondent’s age. Finally, Models 8-10
in Table 7 assess comparisons across education levels. Co-ethnic bias has a consistent effect
on officer selection across gender and age. As discussed in the paper, ethnicity appears to
have a stronger effect among individuals with lower education levels. This supports previous
findings that people with less access to education have lower levels of trust in the government.
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Table 6: Conjoint Sample: Negative Interactions with Police and Exposure to Crime and
Insecurity

# of Observations Percentage

Personally Experienced Violence or Insecurity
Never 556 56.56
Just once or twice 297 30.21
Several times 109 11.09
Many times 21 2.14
Heard about Violence or Insecurity in your Community
Never 196 19.94
Just once or twice 376 38.25
Several times 295 30.01
Many times 116 11.80
Feared becoming a Victime of Political Intimidation or Violence
Never 725 73.75
Just once or twice 176 17.90
Several times 64 6.51
Many times 12 1.22
Don’t know 2 0.20
Non-response (don’t read) 4 0.41
Had a Negative Interaction with the Police
Never 777 79.04
Just once or twice 174 17.70
Several times 29 2.95
Many times 3 0.31
Fear Crime in your Current Neighborhood
Never 340 34.59
Just once or twice 395 40.18
Several times 199 20.24
Many times 49 4.98
Stayed Home because of the Threat of Violence Outside
Never 536 54.53
Just once or twice 291 29.60
Several times 132 13.43
Many times 23 2.34
Don’t know 1 0.10
Felt Unsafe in Your Neighborhood
Never 419 42.62
Just once or twice 366 37.23
Several times 166 16.89
Many times 30 3.05
Don’t know 1 0.10
Non-response (don’t read) 1 0.10
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Table 7: Effects of Police Attributes on the Probability of Being Selected; Baseline, Gender, Age, and Education

Baseline Gender Age Group Education Level
Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8 Model 9 Model 10

Odong (Male co-ethnic officer) 0.1180∗∗∗ 0.1157∗∗∗ 0.1213∗∗∗ 0.1316∗∗∗ 0.0965∗∗∗ 0.1324∗∗ 0.1373∗∗ 0.1337∗∗∗ 0.0757∗ 0.1041
(0.0165) (0.0249) (0.0218) (0.0243) (0.0270) (0.0413) (0.0466) (0.0215) (0.0339) (0.0767)

Adong (Female co-ethnic officer) 0.1043∗∗∗ 0.0727∗∗ 0.1319∗∗∗ 0.1042∗∗∗ 0.0883∗∗∗ 0.1505∗∗ 0.1510∗∗∗ 0.1152∗∗∗ 0.0618 0.0753
(0.0168) (0.0241) (0.0230) (0.0249) (0.0258) (0.0450) (0.0441) (0.0230) (0.0341) (0.0617)

Nakato (Female non-co-ethnic officer) 0.0037 −0.0151 0.0205 0.0138 −0.0298 0.0594 0.0600 0.0179 −0.0279 −0.1216
(0.0156) (0.0219) (0.0219) (0.0219) (0.0250) (0.0451) (0.0488) (0.0209) (0.0282) (0.0659)

Senior 0.0345∗ 0.0088 0.0568∗∗ 0.0528∗∗ 0.0282 −0.0121 −0.0174 0.0583∗∗ 0.0246 −0.0172
(0.0135) (0.0197) (0.0183) (0.0186) (0.0224) (0.0389) (0.0398) (0.0180) (0.0269) (0.0495)

35 years old 0.0483∗∗∗ 0.0615∗∗ 0.0377∗ 0.0537∗∗ 0.0441∗ 0.0439 0.0414 0.0543∗∗ 0.0313 0.0618
(0.0131) (0.0191) (0.0180) (0.0199) (0.0208) (0.0318) (0.0338) (0.0180) (0.0268) (0.0473)

47 years old 0.0419∗∗ 0.0307 0.0525∗∗ 0.0343 0.0473∗ 0.0499 0.0626 0.0626∗∗∗ −0.0038 0.0014
(0.0135) (0.0206) (0.0177) (0.0194) (0.0220) (0.0364) (0.0360) (0.0185) (0.0257) (0.0523)

Rarely pays for information −0.0079 −0.0371 0.0163 −0.0172 −0.0079 0.0274 −0.0317 −0.0074 −0.0010 −0.0070
(0.0180) (0.0264) (0.0247) (0.0257) (0.0305) (0.0454) (0.0476) (0.0254) (0.0349) (0.0655)

Sometimes pays for information 0.0206 −0.0041 0.0425 0.0157 0.0307 0.0193 −0.0065 0.0291 0.0316 −0.0363
(0.0185) (0.0279) (0.0248) (0.0272) (0.0307) (0.0454) (0.0449) (0.0255) (0.0378) (0.0746)

Very often pays for information −0.0193 −0.0395 0.0000 −0.0402 0.0132 −0.0319 −0.0474 −0.0086 −0.0196 −0.0240
(0.0194) (0.0287) (0.0263) (0.0281) (0.0322) (0.0483) (0.0513) (0.0265) (0.0402) (0.0636)

Always pays for information 0.0315 −0.0080 0.0676∗∗ 0.0172 0.0583 0.0171 0.0038 0.0361 0.0544 −0.0341
(0.0193) (0.0289) (0.0257) (0.0266) (0.0341) (0.0482) (0.0490) (0.0263) (0.0397) (0.0742)

Co-ethnic criminal −0.0004 0.0186 −0.0179 −0.0044 −0.0047 0.0232 0.0156 0.0048 −0.0109 −0.0449
(0.0120) (0.0177) (0.0161) (0.0170) (0.0206) (0.0295) (0.0327) (0.0169) (0.0230) (0.0388)

(Intercept) 0.3510∗∗∗ 0.3901∗∗∗ 0.3160∗∗∗ 0.3403∗∗∗ 0.3719∗∗∗ 0.3291∗∗∗ 0.3274∗∗∗ 0.3210∗∗∗ 0.3984∗∗∗ 0.4924∗∗∗

(0.0195) (0.0272) (0.0271) (0.0278) (0.0321) (0.0533) (0.0581) (0.0264) (0.0358) (0.0651)
Subset Full Male Female Age Age Age No Some - completed Some - completed Diploma
Criteria Respondents Respondents 18-34 35-54 ≥ 55 schooling primary secondary or Degree
Num. obs. 9370 4350 5020 4540 3460 1370 1250 5090 2400 630
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 8 provides the full results from Table 2 in the paper.
In the paper, I assess the conditional effects of trust on ethnicity based on a binary

categorization (“trust” or “no trust”). Table 9 walks through a similar modelling exercise
but with respondent’s disaggregated levels of trust in the president (Model 18), the police
(Model 19) and the courts (Model 20). The baseline category is no trust in the respective
institution. So importantly we should expect the interaction terms to be negative. Increased
trust should decrease co-ethnic bias.

Table 10 shows the conditional effects of mistrust by each officer’s surnames rather than
by Co-ethnic officers.

Table 11 examines whether similar patterns of mistrust in local institutions affect co-
ethnic bias. Specifically, I examine whether mistrust in the Sub-county chief (Model 24) or
mistrust in traditional leaders (Model 25) have the same positive effect on coethnic bias.
The interaction is positive for both; however, the relationships is insignificant.

Next, I consider an alternative mechanism that might be driving co-ethnic cooperation.
In the provision of other collective goods people prefer individuals with common ethnicity
either because they have preference in common or because they believe co-ethnics are just
more effective. We can think of this first mechanisms as a general ethnic affinity or beliefs
about shared preferences over outcomes. The second mechanism is often referred to as a
technology mechanism. The main idea of the technology mechanism is that people should
prefer officers who will be the most effective. I designed the conjoint experiment to test di-
vergent expectations under these mechanisms, depending on the ethnicity of the perpetrator.
If attitudes toward officers are shaped by the ethnicity of the perpetrator (i.e., technology
or preference mechanisms), we should have diverging expectations depending on whether
ethnicity operates through a preference or technology mechanism. When the robber is from
Pader (majority of citizens are Acholi), a co-ethnic officer should be more helpful and more
effective. Alternatively, when the robber is from Mukono (majority of citizens are Baganda)
respondents should prefer a Mugandan officer if the technology mechanism drives co-ethnic
cooperation. Considering this possibility, Table 12 replicates the baseline OLS model after
conditioning the sample on whether the robber is from Pader (Acholi) (Model 26) or from
Mokuno (Mugandan) (Model 27).

The effect of co-ethnic bias appears to be driven by shared preferences, relative to the
technology mechanism. Even if respondents believe a Baganda officer would be more effective
at investigating a robber who is Mugandan, these results show respondents still prefer co-
ethnic officers. When the robber is Acholi, Acholi respondents selected male and female
co-ethnic officers 10.14 percentage points (SE = 2.35) and 10.42 percentage points (SE =
2.19) relative to the out-group officer sharing identity with the robber. However, when the
robber is Mugandan (from the Baganda ethnic group), Acholi respondents still preferred
Acholi officers to Baganda officers: 13.21 percentage points (SE = 2.25) more for male
Acholi officers and 11.16 percentage points (SE = 2.54) for female Acholi officers.Assessing
respondents’ preferences for selecting officers shows respondents in Gulu prefer reporting
crimes to co-ethnic officers, especially male officers relative to non-co-ethnic males. Results
suggest co-ethnic cooperation in the provision of law and order – reporting crimes – operates
through a co-ethnic bias – a systematic tendency to prefer their own group to members of
another. Additionally, the magnitude of the co-ethnic bias is quite large given that I was
indirectly signalling ethnicity by only using traditional surnames. Across each model, the
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Table 8: Conditioning Effects of Mistrust on Co-ethnic Bias (Full Results)

Model 14 Model 15 Model 16 Model 17
Co-ethnic Officers 0.1093∗∗∗ 0.0945∗∗∗ 0.0938∗∗∗ 0.0817∗∗∗

(0.0128) (0.0145) (0.0142) (0.0142)
Senior 0.0344∗ 0.0377∗ 0.0388∗ 0.0396∗

(0.0135) (0.0154) (0.0151) (0.0162)
35 years old 0.0467∗∗∗ 0.0430∗∗ 0.0374∗ 0.0348∗

(0.0128) (0.0147) (0.0145) (0.0152)
47 years old 0.0422∗∗ 0.0366∗ 0.0444∗∗ 0.0364∗

(0.0134) (0.0154) (0.0152) (0.0159)
Rarely pays for information −0.0081 −0.0094 −0.0025 0.0298

(0.0181) (0.0207) (0.0207) (0.0214)
Sometimes pays for information 0.0198 0.0135 0.0313 0.0511∗

(0.0185) (0.0213) (0.0210) (0.0216)
Very often pays for information −0.0197 −0.0191 −0.0161 −0.0038

(0.0194) (0.0222) (0.0221) (0.0230)
Always pays for information 0.0315 0.0389 0.0461∗ 0.0628∗∗

(0.0190) (0.0221) (0.0215) (0.0226)
Co-ethnic criminal −0.0005 0.0066 −0.0044 −0.0104

(0.0120) (0.0139) (0.0136) (0.0142)
Mistrust President −0.0082

(0.0395)
Co-ethnic Officers×Mistrust President 0.0709∗

(0.0312)
Mistrust President×Senior −0.0315

(0.0321)
Mistrust President×35 years old 0.0066

(0.0295)
Mistrust President×47 years old 0.0132

(0.0306)
Mistrust President×Rarely pays for information 0.0049

(0.0421)
Mistrust President×Sometimes pays for information 0.0299

(0.0442)
Mistrust President×Very often pays for information −0.0073

(0.0471)
Mistrust President×Always pays for information −0.0392

(0.0440)
Mistrust President×Co-ethnic criminal −0.0313

(0.0276)
Mistrust Police −0.0347

(0.0439)
Co-ethnic Officers×Mistrust Police 0.0756∗

(0.0320)
Mistrust Police×Senior −0.0172

(0.0340)
Mistrust Police×35 years old 0.0468

(0.0316)
Mistrust Police×47 years old −0.0109

(0.0325)
Mistrust Police×Rarely pays for information −0.0347

(0.0423)
Mistrust Police×Sometimes pays for information −0.0580

(0.0455)
Mistrust Police×Very often pays for information −0.0206

(0.0469)
Mistrust Police×Always pays for information −0.0713

(0.0473)
Mistrust Police×Co-ethnic criminal 0.0293

(0.0291)
Mistrust Courts −0.0094

(0.0424)
Co-ethnic Officers×Mistrust Courts 0.0838∗

(0.0336)
Mistrust Courts×Senior −0.0213

(0.0314)
Mistrust Courts×35 years old 0.0549

(0.0311)
Mistrust Courts×47 years old 0.0358

(0.0322)
Mistrust Courts×Rarely pays for information −0.1423∗∗

(0.0440)
Mistrust Courts×Sometimes pays for information −0.1284∗∗

(0.0460)
Mistrust Courts×Very often pays for information −0.0625

(0.0472)
Mistrust Courts×Always pays for information −0.0926∗

(0.0456)
Mistrust Courts×Co-ethnic criminal 0.0340

(0.0289)
(Intercept) 0.3535∗∗∗ 0.3592∗∗∗ 0.3603∗∗∗ 0.3598∗∗∗

(0.0176) (0.0205) (0.0197) (0.0208)
Num. obs. 9370 9270 9310 8820
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 9: Effects of Police Attributes on the Probability of Being Selected by Disaggregated
Levels of Trust

Model 18 Model 19 Model 20
Co-ethnic Officers 0.1654∗∗∗ 0.1695∗∗∗ 0.1655∗∗∗

(0.0277) (0.0287) (0.0305)
A little trust in president 0.0575

(0.0482)
A bit of trust in president 0.0140

(0.0509)
A lot of trust in president −0.0251

(0.0469)
Co-ethnic Officers×A little trust in president −0.0619

(0.0425)
Co-ethnic Officers×A bit of trust in president −0.0464

(0.0351)
Co-ethnic Officers×A lot of trust in president −0.0961∗∗

(0.0358)
A little trust in police −0.0101

(0.0535)
A bit of trust in police 0.0708

(0.0485)
A lot of trust in police 0.0154

(0.0563)
Co-ethnic Officers×A little trust in police −0.0590

(0.0383)
Co-ethnic Officers×A bit of trust in police −0.0871∗

(0.0358)
Co-ethnic Officers×A lot of trust in police −0.0688

(0.0410)
A little trust in courts −0.0222

(0.0534)
A bit of trust in courts 0.0422

(0.0476)
A lot of trust in courts −0.0196

(0.0576)
Co-ethnic Officers×A little trust in courts −0.0451

(0.0406)
Co-ethnic Officers×A bit of trust in courts −0.1093∗∗

(0.0368)
Co-ethnic Officers×A lot of trust in courts −0.0790

(0.0417)
Num. obs. 9270 9310 8820
OLS estimates with robust standard errors (CR2) clustered by respondent. Only constituent terms and their

interaction with trust are shown. The other officer attributes, ethnicity of criminal, and component terms

suppressed. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 10: Conditional Effects of Mistrust by Officer’s Surnames

Model 21 Model 22 Model 23
Odong (Male co-ethnic officer) 0.1109∗∗∗ 0.0987∗∗∗ 0.0918∗∗∗

(0.0188) (0.0181) (0.0187)
Adong (Female co-ethnic officer) 0.0806∗∗∗ 0.0928∗∗∗ 0.0728∗∗∗

(0.0190) (0.0193) (0.0193)
Nakato (Female non-co-ethnic officer) 0.0019 0.0039 0.0006

(0.0183) (0.0180) (0.0184)
Co-ethnic criminal 0.0070 −0.0045 −0.0101

(0.0138) (0.0136) (0.0142)
Mistrust President −0.0085

(0.0428)
Odong (Male co-ethnic officer)×Mistrust President 0.0318

(0.0405)
Mistrust President×Adong (Female co-ethnic officer) 0.1157∗∗

(0.0400)
Mistrust President×Nakato (Female non-co-ethnic officer) 0.0058

(0.0338)
Mistrust Police −0.0360

(0.0478)
Odong (Male co-ethnic officer)×Mistrust Police 0.0944∗

(0.0434)
Mistrust Police×Adong (Female co-ethnic officer) 0.0550

(0.0395)
Mistrust Police×Nakato (Female non-co-ethnic officer) −0.0012

(0.0355)
Mistrust Courts −0.0083

(0.0467)
Odong (Male co-ethnic officer)×Mistrust Courts 0.0663

(0.0421)
Mistrust Courts×Adong (Female co-ethnic officer) 0.1017∗

(0.0411)
Mistrust Courts×Nakato (Female non-co-ethnic officer) 0.0011

(0.0391)
Num. obs. 9270 9310 8820
OLS estimates with robust standard errors (CR2) clustered by respondent.
∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 11: Conditioning Effects of Mistrust in Local Institutions on Co-ethnic Bias (Placebo
Results)

Model 24 Model 25
Co-ethnic Officers 0.0979∗∗∗ 0.1071∗∗∗

(0.0142) (0.0133)
Sub-county chief 0.0443

(0.0523)
Co-ethnic Officers×Sub-county chief 0.0442

(0.0339)
Traditional Leaders 0.0123

(0.0653)
Co-ethnic Officers×Traditional Leaders 0.0455

(0.0495)
(Intercept) 0.3512∗∗∗ 0.3499∗∗∗

(0.0198) (0.0184)
Num. obs. 8810 9220
OLS estimates with robust standard errors (CR2) clustered by respondent.

Only constituent terms and their interaction with trust are shown. The other officer

attributes and ethnicity of criminal suppressed. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05

ethnicity of the officer consistently has a larger effect on the probability that the officer is
selected relative to the other possible explanations, including officer’s age, rank, and whether
they pay for information.
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Table 12: Effects of Police Attributes on the Probability of Being Selected by Ethnicity of
the Criminal

Model 26 Model 27
Odong (Male co-ethnic officer) 0.1014∗∗∗ 0.1321∗∗∗

(0.0235) (0.0225)
Adong (Female co-ethnic officer) 0.1042∗∗∗ 0.1116∗∗∗

(0.0219) (0.0254)
Nakato (Female non-co-ethnic officer) 0.0080 0.0086

(0.0201) (0.0232)
Senior −0.0074 0.0799∗∗∗

(0.0174) (0.0179)
35 years old 0.0723∗∗∗ 0.0264

(0.0192) (0.0210)
47 years old 0.0551∗∗ 0.0327

(0.0189) (0.0218)
Rarely pays for information 0.0172 −0.0338

(0.0275) (0.0240)
Sometimes pays for information 0.0257 0.0141

(0.0257) (0.0251)
Very often pays for information −0.0100 −0.0277

(0.0252) (0.0262)
Always pays for information 0.0591∗ 0.0101

(0.0258) (0.0273)
(Intercept) 0.3495∗∗∗ 0.3447∗∗∗

(0.0260) (0.0275)
Subset Co-ethnic Non-co-ethnic
Criteria Criminal Criminal
Num. obs. 4897 4473
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 13: Effects of Police Attributes on the Probability of Being Selected by Respondent’s Political Activities

Model 28 Model 29 Model 30 Model 31 Model 32 Model 33 Model 34 Model 35
Odong (Male co-ethnic officer) 0.1447∗∗∗ 0.1111∗∗∗ 0.1140∗∗∗ 0.1464∗ 0.1150∗∗∗ 0.1397∗ 0.1174∗∗ 0.1199∗∗∗

(0.0346) (0.0188) (0.0172) (0.0673) (0.0172) (0.0689) (0.0393) (0.0184)
Adong (Female co-ethnic officer) 0.1082∗∗ 0.1027∗∗∗ 0.1071∗∗∗ 0.0041 0.1031∗∗∗ 0.0353 0.0520 0.1176∗∗∗

(0.0357) (0.0191) (0.0175) (0.0626) (0.0175) (0.0667) (0.0429) (0.0184)
Nakato (Female non-co-ethnic officer) −0.0221 0.0100 −0.0037 0.0448 −0.0013 0.0369 −0.0690 0.0231

(0.0299) (0.0180) (0.0162) (0.0529) (0.0164) (0.0469) (0.0396) (0.0170)
Senior 0.0468 0.0310∗ 0.0454∗∗∗ −0.0767 0.0417∗∗ −0.0360 0.0453 0.0319∗

(0.0274) (0.0154) (0.0137) (0.0636) (0.0137) (0.0658) (0.0283) (0.0154)
35 years old 0.0610∗ 0.0462∗∗ 0.0453∗∗ 0.0974∗ 0.0467∗∗∗ 0.0824 0.0512 0.0489∗∗∗

(0.0272) (0.0150) (0.0139) (0.0433) (0.0139) (0.0429) (0.0340) (0.0143)
47 years old 0.0314 0.0463∗∗ 0.0474∗∗∗ 0.0299 0.0485∗∗∗ −0.0247 0.0275 0.0479∗∗

(0.0270) (0.0155) (0.0140) (0.0546) (0.0140) (0.0565) (0.0321) (0.0149)
Rarely pays for information −0.0199 −0.0038 0.0037 −0.0903 −0.0037 −0.0353 0.0209 −0.0147

(0.0389) (0.0204) (0.0185) (0.0783) (0.0185) (0.0878) (0.0423) (0.0201)
Sometimes pays for information −0.0235 0.0319 0.0264 −0.0168 0.0228 0.0447 0.0024 0.0264

(0.0386) (0.0211) (0.0192) (0.0801) (0.0193) (0.0770) (0.0454) (0.0205)
Very often pays for information −0.0639 −0.0079 −0.0204 0.0556 −0.0259 0.1309 −0.0113 −0.0183

(0.0401) (0.0221) (0.0202) (0.0780) (0.0202) (0.0810) (0.0491) (0.0212)
Always pays for information −0.0085 0.0417 0.0314 0.0571 0.0303 0.0303 0.0334 0.0321

(0.0365) (0.0224) (0.0202) (0.0747) (0.0204) (0.0711) (0.0433) (0.0217)
Co-ethnic criminal −0.0257 0.0072 −0.0034 0.0447 −0.0027 0.0232 −0.0201 0.0039

(0.0225) (0.0139) (0.0125) (0.0432) (0.0126) (0.0395) (0.0284) (0.0134)
(Intercept) 0.3865∗∗∗ 0.3409∗∗∗ 0.3425∗∗∗ 0.4140∗∗∗ 0.3473∗∗∗ 0.3744∗∗∗ 0.3904∗∗∗ 0.3417∗∗∗

(0.0406) (0.0221) (0.0202) (0.0693) (0.0204) (0.0698) (0.0466) (0.0216)
Subset Didn’t attend Attended Didn’t attend Attended a Didn’t organize a Organized a Didn’t Did
Critea a rally a rally demonstration demonstration demonstration demonstration Vote Vote
Num. obs. 1890 7470 8620 640 8620 620 1720 7540
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 14: Effects of Police Attributes on the Probability of Being Selected by Income of Respondent

Model 36 Model 37 Model 38 Model 39 Model 40 Model 41 Model 42
Odong (Male co-ethnic officer) 0.0676 0.0232 0.1655∗∗∗ 0.1595∗∗∗ 0.1788∗∗ 0.1263 0.0576

(0.0584) (0.0377) (0.0333) (0.0390) (0.0521) (0.0747) (0.0523)
Adong (Female co-ethnic officer) 0.0149 −0.0207 0.0992∗∗ 0.1792∗∗∗ 0.2044∗∗∗ 0.1211 0.1282∗

(0.0599) (0.0352) (0.0337) (0.0401) (0.0583) (0.0679) (0.0522)
Nakato (Female non-co-ethnic officer) −0.0198 −0.0041 −0.0034 0.0169 0.0842 −0.0147 −0.0575

(0.0570) (0.0354) (0.0335) (0.0344) (0.0468) (0.0666) (0.0418)
Senior −0.0067 0.0689∗ 0.0297 0.0769∗ 0.0417 −0.0755 0.0598

(0.0577) (0.0311) (0.0293) (0.0300) (0.0373) (0.0692) (0.0422)
35 years old 0.0452 0.0743∗ 0.0743∗ 0.0534 0.0198 −0.0971 0.0539

(0.0469) (0.0289) (0.0299) (0.0347) (0.0393) (0.0535) (0.0370)
47 years old 0.0113 0.0628∗ 0.0584 0.0472 −0.0041 −0.0440 0.1006∗∗

(0.0495) (0.0291) (0.0314) (0.0336) (0.0423) (0.0646) (0.0365)
Rarely pays for information −0.0202 −0.0316 0.0321 0.0344 −0.0681 −0.0084 −0.0153

(0.0670) (0.0397) (0.0410) (0.0466) (0.0475) (0.0778) (0.0535)
Sometimes pays for information −0.0343 −0.0121 0.0844∗ 0.0227 0.0274 0.0356 −0.0192

(0.0662) (0.0417) (0.0380) (0.0462) (0.0600) (0.0881) (0.0559)
Very often pays for information 0.0714 −0.0002 0.0118 −0.0319 −0.0841 0.1186 −0.0899

(0.0675) (0.0469) (0.0434) (0.0424) (0.0552) (0.0760) (0.0569)
Always pays for information 0.0206 0.0452 0.0911∗ 0.0186 −0.0171 0.1189 0.0160

(0.0654) (0.0435) (0.0375) (0.0459) (0.0703) (0.0842) (0.0636)
Co-ethnic criminal −0.0717 0.0485 −0.0138 0.0254 −0.0366 −0.0806 0.0557

(0.0468) (0.0275) (0.0248) (0.0295) (0.0374) (0.0447) (0.0336)
(Intercept) 0.4656∗∗∗ 0.3796∗∗∗ 0.3145∗∗∗ 0.2835∗∗∗ 0.3229∗∗∗ 0.3903∗∗∗ 0.3231∗∗∗

(0.0781) (0.0470) (0.0416) (0.0429) (0.0641) (0.0790) (0.0582)
Subset Criteria Less than 25,000 25,001-100,000 100,001-200,000 200,001-300,000 300,001-400,000 400,001-500,000 More than 500,000
Num. obs. 740 2020 1850 1670 950 470 930
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 15: Effects of Police Attributes on the Probability of Being Selected by Respondent’s Expressed Level of Insecu-
rity/Exposure to Crime

Felt unsafe in your neighborhood Feared political intimidation or violence Stayed home do to threat of violence outside
Model 43 Model 44 Model 45 Model 46 Model 47 Model 48 Model 49 Model 50 Model 51 Model 52 Model 53 Model 54

Odong (Male co-ethnic officer) 0.1121∗∗∗ 0.1069∗∗∗ 0.1529∗∗∗ 0.1456 0.1111∗∗∗ 0.1610∗∗∗ 0.0629 0.0791 0.0979∗∗∗ 0.1304∗∗∗ 0.1622∗∗∗ 0.1010
(0.0256) (0.0267) (0.0419) (0.0901) (0.0191) (0.0391) (0.0682) (0.1269) (0.0229) (0.0296) (0.0451) (0.1114)

Adong (Female co-ethnic officer) 0.0834∗∗ 0.1108∗∗∗ 0.1162∗∗ 0.2879∗∗ 0.0933∗∗∗ 0.1860∗∗∗ −0.0154 0.1568 0.1035∗∗∗ 0.0933∗∗ 0.1044∗ 0.2395
(0.0266) (0.0270) (0.0419) (0.0776) (0.0193) (0.0416) (0.0601) (0.1484) (0.0237) (0.0291) (0.0410) (0.1320)

Nakato (Female non-co-ethnic officer) 0.0211 −0.0430 0.0713 −0.0297 −0.0013 0.0148 0.0553 −0.1377 −0.0078 0.0127 0.0448 −0.0868
(0.0228) (0.0264) (0.0398) (0.0767) (0.0178) (0.0405) (0.0591) (0.1213) (0.0203) (0.0309) (0.0416) (0.1011)

Senior 0.0479∗ 0.0183 0.0402 0.0379 0.0320∗ 0.0355 0.0344 0.2173∗ 0.0257 0.0299 0.1024∗∗ −0.0890
(0.0209) (0.0215) (0.0337) (0.0638) (0.0160) (0.0308) (0.0482) (0.0782) (0.0188) (0.0236) (0.0372) (0.0797)

35 years old 0.0378 0.0645∗∗ 0.0464 −0.0084 0.0263 0.1080∗∗∗ 0.1412∗ −0.1182 0.0351∗ 0.0591∗ 0.0853∗ −0.0116
(0.0202) (0.0217) (0.0316) (0.0680) (0.0148) (0.0316) (0.0545) (0.1643) (0.0178) (0.0242) (0.0352) (0.0841)

47 years old 0.0398 0.0260 0.0855∗∗ 0.0392 0.0278 0.0862∗∗ 0.0994∗ 0.0111 0.0221 0.0319 0.1357∗∗∗ 0.0771
(0.0203) (0.0232) (0.0314) (0.0581) (0.0159) (0.0313) (0.0470) (0.1608) (0.0185) (0.0253) (0.0338) (0.0552)

Rarely pays for information −0.0078 0.0074 −0.0199 −0.1085 −0.0176 0.0277 −0.0735 −0.2299 −0.0468 0.0449 0.0296 −0.0369
(0.0283) (0.0301) (0.0420) (0.0793) (0.0212) (0.0423) (0.0693) (0.1742) (0.0246) (0.0339) (0.0501) (0.0691)

Sometimes pays for information 0.0347 0.0403 −0.0280 −0.0520 0.0509∗ −0.0129 −0.2782∗∗∗ 0.1171 0.0185 0.0264 0.0232 −0.0853
(0.0286) (0.0312) (0.0430) (0.0964) (0.0215) (0.0422) (0.0610) (0.2112) (0.0256) (0.0341) (0.0480) (0.0900)

Very often pays for information −0.0053 0.0122 −0.1029∗ −0.0784 0.0096 −0.0773 −0.2147∗ −0.1033 −0.0057 −0.0273 −0.0117 −0.2570∗

(0.0288) (0.0321) (0.0479) (0.1075) (0.0220) (0.0464) (0.0880) (0.2142) (0.0262) (0.0363) (0.0517) (0.0953)
Always pays for information 0.0340 0.0902∗∗ −0.0733 −0.0974 0.0489∗ −0.0010 −0.1464 0.0928 0.0414 0.0356 −0.0025 −0.0608

(0.0293) (0.0307) (0.0494) (0.0724) (0.0223) (0.0438) (0.0879) (0.1494) (0.0261) (0.0363) (0.0514) (0.1030)
Co-ethnic criminal −0.0049 −0.0325 0.0780∗ 0.0139 −0.0034 −0.0098 0.0330 0.0262 −0.0014 −0.0171 0.0372 0.0594

(0.0177) (0.0195) (0.0300) (0.0691) (0.0137) (0.0276) (0.0505) (0.1010) (0.0156) (0.0219) (0.0378) (0.0868)
(Intercept) 0.3366∗∗∗ 0.3770∗∗∗ 0.3149∗∗∗ 0.3856∗∗∗ 0.3513∗∗∗ 0.3254∗∗∗ 0.4702∗∗∗ 0.3749 0.3813∗∗∗ 0.3537∗∗∗ 0.2100∗∗∗ 0.4355∗∗∗

(0.0309) (0.0330) (0.0412) (0.0914) (0.0225) (0.0465) (0.0715) (0.2141) (0.0272) (0.0351) (0.0470) (0.0933)
Subset Criteria Never Once or Twice Several times Many times Never Once or Twice Several times Many times Never Once or Twice Several times Many times
Num. obs. 3950 3450 1640 310 6820 1780 610 110 5090 2790 1240 240
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05
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Table 16: Effects of Police Attributes on the Probability of Being Selected by Respondent’s Negative Interactions with Police
and Perception of Fairness

Had a negative interaction with police Police treat everyone the same regardless of ethnicity
Model 55 Model 56 Model 57 Model 58 Model 59 Model 60 Model 61 Model 62

Odong (Male co-ethnic officer) 0.1113∗∗∗ 0.1525∗∗∗ 0.2223 −0.0630 0.1290∗ 0.1095∗∗∗ 0.1279∗∗∗ 0.1225∗∗

(0.0188) (0.0369) (0.1088) (0.2729) (0.0603) (0.0265) (0.0211) (0.0447)
Adong (Female co-ethnic officer) 0.1046∗∗∗ 0.1003∗∗ 0.2240∗ −0.0365 0.1461∗ 0.1025∗∗∗ 0.1063∗∗∗ 0.0798

(0.0192) (0.0368) (0.0882) (0.3352) (0.0654) (0.0280) (0.0210) (0.0440)
Nakato (Female non-co-ethnic officer) 0.0040 0.0113 0.0562 −0.0981 0.0191 0.0019 0.0054 −0.0393

(0.0179) (0.0349) (0.0801) (0.5922) (0.0517) (0.0274) (0.0188) (0.0383)
Senior 0.0406∗∗ 0.0231 −0.0103 −0.1608 0.0676 0.0274 0.0379∗ −0.0372

(0.0153) (0.0313) (0.0729) (0.1191) (0.0498) (0.0232) (0.0166) (0.0374)
35 years old 0.0461∗∗ 0.0377 0.0802 0.7193∗ −0.0126 0.0337 0.0588∗∗∗ 0.0342

(0.0146) (0.0317) (0.0661) (0.1210) (0.0522) (0.0209) (0.0169) (0.0327)
47 years old 0.0557∗∗∗ −0.0219 −0.0073 0.6379 0.0222 0.0553∗ 0.0314∗ 0.0171

(0.0152) (0.0302) (0.0733) (0.3652) (0.0530) (0.0244) (0.0158) (0.0372)
Rarely pays for information −0.0220 0.0640 −0.0719 −0.2929 0.0431 0.0255 −0.0317 −0.0201

(0.0205) (0.0410) (0.0864) (0.6363) (0.0789) (0.0305) (0.0224) (0.0497)
Sometimes pays for information 0.0208 0.0389 −0.0364 −0.0487 0.1352 0.0466 0.0003 0.0503

(0.0210) (0.0444) (0.0957) (0.5271) (0.0876) (0.0306) (0.0234) (0.0505)
Very often pays for information −0.0127 −0.0251 −0.1525 −0.0366 −0.0068 −0.0159 −0.0216 0.0031

(0.0215) (0.0490) (0.0993) (0.4085) (0.0842) (0.0316) (0.0247) (0.0524)
Always pays for information 0.0335 0.0311 −0.0575 0.0122 0.0878 0.0706∗ 0.0041 0.0534

(0.0218) (0.0466) (0.0879) (0.7035) (0.0745) (0.0309) (0.0247) (0.0480)
Co-ethnic criminal −0.0056 0.0022 0.0833 0.2083 −0.0685 −0.0215 0.0129 −0.0047

(0.0138) (0.0265) (0.0550) (0.1890) (0.0494) (0.0197) (0.0150) (0.0304)
(Intercept) 0.3446∗∗∗ 0.3718∗∗∗ 0.3494∗∗∗ 0.1407 0.2899∗∗ 0.3402∗∗∗ 0.3589∗∗∗ 0.4061∗∗∗

(0.0225) (0.0414) (0.0908) (0.5611) (0.0870) (0.0328) (0.0242) (0.0578)
Subset Criteria Never Once or Twice Several times Many times Strongly Agree Agree Disagree Strongly Disagree
Num. obs. 7300 1720 300 50 580 3660 5650 1310
OLS estimates with robust standard errors (CR2) clustered by respondent. ∗∗∗p < 0.001, ∗∗p < 0.01, ∗p < 0.05

A
16



C List Experiment Online Appendix

Here, I provide details of a related experimental study in Uganda: the multistage sampling,
descriptive statistics of the nationally representative sample used in my list experiment, in-
cluding age, education, gender, political affiliation and whether they approve of the president
(used as a proxy for support). We asked respondents several questions about their attitudes
and beliefs about police in Uganda. I provide the distribution of responses to four questions
relating to citizens’ attitudes toward the Uganda Police Force (UPF). Next, I provide the
formal notation for the difference-in-means estimator used. Finally, I provide results of the
list experiment showing the results generalize beyond Gulu district.

C.1 Research Design

I fielded the list experiment on a nationally representative sample (N=1,920) administered by
the survey firms Twaweza and Ipsos between 29 June and 20 July 2018 in 100 districts, 127
counties, and 194 parishes in Uganda.28 The list experiment was embedded in a survey round
focusing on safety and security.29 I adapt similar methodological innovations developed for
surveying conflict zones for my study in Uganda, which allows respondents anonymity in
how they respond to questions, soliciting more truthful answers.30

One implication from my theory is that individuals will be less likely to cooperate with
non-co-ethnic officers. I hypothesize that people will be less likely to report crimes to officers
who are from outside their community relative to officers from their community.

I randomly split the sample into treatment and control groups. The treatment and control
groups were read the following prompt:

I am going to read you a list of reasons for why people might not report crimes to the
police. I would like you to tell me how many of these are reasons why people do not go to the
police. Please don’t tell me which ones you generally agree with; only tell me how many you
think matter.

Study participants in the control group were presented with a list of control items and
asked how many of the items they believe matter. The four following control items are used:

(1) People believe the police are violent

(2) People believe the police are ineffective

(3) People believe the police are corrupt

(4) People believe the police are far away

Study participants in the treatment group were presented the full list of one sensitive
item and the control items.

28See the appendix for details about the multi-stage stratified sampling approach.
29Due to the sensitive nature of the topic, some respondents did not participate. However, the refusal

rate was less than 5% (1,920 of 2,000 respondents participated). The low attrition and non-response rates
suggest the sample is unlikely to be biased from systematic missingness associated with respondents opting
out of answering the questions.

30This technique is used throughout social sciences to study sensitive topics (Gilens, Sniderman and
Kuklinski 1998, Lyall, Blair and Imai 2013, Streb et al. 2007).

A17



(5) People believe the police are from other areas and communities than their own.

The list experiment item operationalizes the idea that non-co-ethnic officers are often
moved from one district and community to police another. I did not cue ethnicity directly
for two reasons: first, asking about officers from outside their area or community captures a
broader prejudice about outsider being hired to police communities – mistrust toward officers
who are not from the community. Second, security challenges and heightened political ten-
sions precluded me from asking directly about ethnic affiliations even in the list experiment.
Ethnic groups in Uganda are geographically clustered and researchers have previously sig-
nalled ethnicity by discussing geographical cues (Carlson 2015). Ugandan research partners
also suggested that using communities in the sensitive item would signal common ethnic
ties. Police officers from other areas and communities signal both non-ethnic officers and
shuffling by the regime.

C.2 Evaluating the Design

Table 17 reports responses by study participants to the list experiment. There appear to be
few floor effects in the design. All respondents in the control said at least one option was a
reason why people do not go to the police. There is some potential for ceiling effects. Out
of the 961 respondents in the control group 20% said that they believed that all the four
nonsensitive choices were reasons people did not report crimes to the police. The modal
response from the control group was 3. Approximately 60% of respondents provided 2 or 3
as the answer to the set of nonsensitive items. The mean of the control items was 2.53.31

Table 17: Observed Data

Control Group Treatment Group

Response Value Frequency Percentage Frequency Percentage

1 194 20.2 157 16.4
2 262 27.3 225 23.5
3 309 32.2 181 18.9
4 196 20.4 307 32.0
5 89 9.3

Total 961 959

Notes: This table reports the frequency and percentage of respondents for each value of Yi, the number of
items that the respondent supports in the list experiment, for both the control and treatment groups.

Percentages may not add up to 100 percent due to rounding.

31I do not find any statistical evidence of design effects. As shown by Blair and Imai (2012), I use the
list package in R to determine if there is any evidence of design effects. The null hypothesis is that there
are no design effects. The p−value is above α so I fail to reject the null of no design effects.
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C.3 Results

The standard list experiment design allows me to estimate the proportion of the population
that believes officers from other communities or areas decreases the willingness of individuals
to report crimes to police. Assuming there are no design effects, I estimate the difference-
in-means between the control and treatment groups.32 The result of the difference-in means
estimate is shown in Table 18. As hypothesized the difference-in-means estimate shows
41.61% (SE = 5.25) of Ugandans believe police who are not from their area or community
is a reason why individuals do not report crimes to police.

Table 18: Difference-in-Means Estimate

List Experiment

Control Group 2.53 [961]
Treatment Group 2.94 [959]

Estimated inter-group bias (%) 41.61 (5.25)

Notes: Control and treatment values indicate the mean number of Yi, respectively. The number of
respondents in each group is provided in brackets. Linear model estimated standard errors are in

parentheses.

This study highlights an unforeseen consequence of rotating officers from different areas
and communities. People will be less likely to comply with officers from outside of their com-
munity. The results of the list experiment provide additional support that people cooperate
less with police officers who are not from their community. In particular, I demonstrate that
Ugandans believe encountering police officers who are not community members or from other
areas decreases Ugandans’ willingness to report crimes. In the appendix (Table 19), I show
the difference-in-means across region, party affiliation, president approval, age groups, gen-
der, and wealth. As might be expected, estimates are higher in areas traditionally opposed
to the incumbent like northern Uganda, among respondents who said they did not approve
of the incumbent, and among those who support the opposition parties. However, the large
standard errors limit our ability to say whether there is a statistical difference across these
categories.

C.4 List experiment results across sub-groups

I examine the difference-in-means across various subgroups including: region, party affilia-
tion, president approval, age groups, gender, and wealth. The difference-in-means between
the control and treatment groups shows that Ugandans believe that one reason why people
do not report crimes to the UPF is because police are not from their community. A natural
extension is to examine why inter-group bias conditions cooperation. This design does not
allow us to directly answer the why question. We can examine heterogeneous effects to un-
cover variation in who believes inter-group bias decreases whether citizens report crimes to

32I use the ict.reg function within the list package to estimate the effect of the sensitive item on the
response.
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police. We should expect the level of inter-group bias to become stronger the more political
the flow of information becomes. Consider hypothetically, for example, that I asked respon-
dents to provided reasons why they believe people do not report political threats to the
government to police. Political dynamics in authoritarian contexts preclude designing the
experiment in such a way. Alternatively, I consider heterogeneous effects within politically
relevant subgroups. As theorized above, we should expect inter-group bias in cooperation
with the police to be stronger in areas with strong opposition support such as Central and
Northern Uganda. Additionally, past political grievances – high levels of political violence –
in northern Uganda should also affect the level of inter-group bias against the police. Finally,
we should expect inter-group bias to vary based on individual preferences within a group.
Consequently, in addition to regional sub-group analysis, I also consider variation within
individual level sub-populations, including party affiliation, approval rating of the president,
age, gender, and economic status.

Table 19: List experiment results across sub-groups

Sample List Experiment
Sub-Group Frequency (%) Estimate (Standard Errors)

Region Central 434 23.0 41.14 (10.51)
Eastern 492 25.6 31.42 (10.15)
Northern 460 24.0 52.59 (11.22)
Western 534 27.8 44.42 (9.38)

Party NRM 1303 67.9 37.65 (6.48)
FDC 254 13.2 45.60 (13.13)
Other 363 18.9 52.44 (12.08)

President Strongly Approve 652 34.0 46.27 (9.11)
Approval Somewhat Approve 825 43.0 31.16 (7.92)

Somewhat Disapprove 243 12.7 57.87 (14.92)
Strongly Disapprove 163 8.5 51.39 (17.15)

Age 18 - 34 yrs 905 47.1 40.77 (7.64)
35 - 54 yrs 718 37.4 46.20 (8.50)
55 + yrs 297 15.5 31.11 (13.79)

Gender Female 1050 54.7 37.57 (7.09)
Male 870 45.3 47.00 (7.81)

Wealth Quintile 1 415 21.6 37.22 (11.77)
Quintile 2 388 20.2 32.88 (12.32)
Quintile 3 367 19.1 68.65 (11.60)
Quintile 4 374 19.5 35.07 (11.70)
Quintile 5 376 19.6 34.22 (10.97)

Notes: Table reports the difference-in-means estimates for various sub-groups within the sample. Standard
errors are reported in parentheses. NRM = National Resistance Movement. FDC = Forum for Democratic

Change.

Table 19 shows results of the sub-group analyses. Considering who reports inter-group
bias is challenging. The frequency and percentage of each sub-group in the sample are
presented in Columns 3 and 4, respectively. Corresponding difference-in-means estimates for
each sub-group and standard errors are reported in Columns 5 and 6. The sub-group analysis
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provides some suggestive evidence that as the political nature of information increases, inter-
group bias negatively affects respondents’ willingness to cooperate the police. The standard
errors for the sub-group are fairly large so inferring across the sub-group populations is noisy.

C.5 Multistage Sampling and Descriptive Statistics

Twaweza used a multi-stage stratified sampling approach to achieve a sample that is a
representative cross-section of all adult citizens in Uganda. Twaweza provides details of the
multi-stage sampling design of Sauti za Wananchi in their technical paper. The sample frame
is based on the 2014 Uganda Population and Housing Census. Twaweza’s objective was to
give every adult citizen equal probability of participating in the study. They achieved this
goal by strictly applying random selection at every stage of sampling and applying sampling
with probability proportionate to population size at the enumeration area.

The overview of Twaweza’s sampling is reported in Table 20. The modal age range
of our sample was 25-34 years. The most common level of education was some primary
education. The gender distribution included 55% of the sample identifying as female and
45% as male. Unsurprisingly, 68% of respondents in the sample said that the party they
felt closest to was the incumbent party, National Resistance Movement (NRM), followed
by Forum for Democratic Change (FDC) at 13%. Moreover, most respondents said that
they “somewhat approve” or “strongly approve” of the president’s overall performance. But
some respondents were willing to say that they did not approve of his job performance;
243 respondents said that they somewhat disapproved of his performance and 163 said they
strongly disapproved.33

Table 20: Overview of Multistage Sampling

Districts Counties Sub-Counties Parishes Individuals

total sample total sample total sample total sample total sample
Sample by Region 112 100 181 127 1,368 180 6,547 194 34,844,095 1,920

Central 24 16 36 23 258 36 1,324 43 9,579,119 434
Eastern 32 29 50 35 412 51 2,056 51 9,094,960 492

Northern 30 29 45 34 311 46 1,545 47 7,230,661 460
Western 26 26 50 35 387 47 1,622 53 8,939,355 534

Notes: Data on administrative units from the 2016 Uganda Electoral Commission Zoning.

C.6 Descriptive Statistics

Figure 4 shows the distribution of respondents’ age, education, and gender. The modal
age category for the list experiment was 25-34 years. More than half of the respondents
had either no schooling (12%) or did not complete primary (40%). Similar to Uganda’s
population, there were more female respondents (54.7%) than male respondents (45.3%).

33The distribution of relevant pre-test demographic characteristics in Figure 4 and respondents’ approval
of President Museveni job performance and party affiliation in Figure 5 are reported in the appendix. Data
for these measures were gathered by Twaweza in face-to-face interviews during the baseline survey.

A21



Figure 4: List Experiment: Respondents’ Demographics
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Figure 5: List Experiment: Respondents’ Political Affiliation
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Figure 5 shows the distribution of approval rating for president Museveni (left) and
respondent’s party affiliation (right). Most Ugandans approve of the president’s job perfor-
mance (652 strongly approved and 825 somewhat approved). Others were willing to express
their disapproval: 163 strongly disapproved and 243 somewhat disapproved. The remain-
ing respondents either did not know (15) or refused to answer (4). Unsurprisingly, most
respondents (54.3%) identify with the ruling National Resistance Movement (NRM) party.
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C.7 Evidence of Social Desirability Bias

An alternative approach to the list experiment could be to directly ask respondents whether
they would report to police if they witnessed a crime happening. On could regress their
responses on self-identified ethnic affiliation to determine whether certain groups are more
or less likely to report to the police. I argue that this approach is problematic for two reasons.
First, due to social and political sensitivity of ethnicity in Uganda, our research partners
strongly encouraged me to not ask respondents directly about their ethnic identification.
Second, social desirability bias likely conditions respondents’ answers to questions about
reporting crimes to police. This bias is likely present without including any other conditions
about ethnicity in the survey prompt.

Figure 6 shows the distributions of four questions that measure attitudes toward police
regarding citizens’ obligations and willingness to cooperate with police. As expected when
asked directly 76.3% of the 1,920 respondents said they would report a crime they observed.
15% said they neither agreed or disagreed with the statement. Only 177 respondents said
they disagreed or strongly disagreed with the statement (7.5% disagree and 2% strongly
disagree).

Figure 6: List Experiment: Attitudes toward the Police: Obligation and Cooperation

The police in your community are legitimate authorities 
 and you should do what they tell you to do
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If I used a direct survey question approach to estimate effects of co-ethnic bias on cooper-
ating with police, less than 10% of respondents said they would not report a crime that they
observed. Inferring anything from these statistics, let alone causally identifying the effects
of co-ethnic bias on this decision, would be nearly impossible.

C.8 Difference-in-Means Estimator

In theory, list experiments are rather straightforward to implement. Randomly selected
study participants are randomly assigned to a control and a treatment group. Respondents
assigned to the control group are provided a list of J items and asked to report how many
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they think matter. In the treatment group, participants accomplish the same task but are
assigned a list of J + 1 items. The treatment list includes the control items and the sensitive
item of theoretical interest. Surveys that have a large enough sample size can estimate the
proportion that believes the sensitive item matters by comparing the average response of the
control group to the average response of the treatment group. Anonymity in responses and
broader design of this approach mostly eliminate respondents’ pressure to falsify their “true
preferences.”

In practice, list experiments are more difficult to implement. As enumerated by Glynn
(2013) and others, several hurdles can arise when trying to implement a list experiment.
First, list experiments are frequently under-powered. Second, the items in the control group
or the non-sensitive items should be similar in nature to the treatment group to not draw
attention to the treatment. Third, the list experiment is designed to avoid ceiling and
floor effects (low probability that participants answer “yes” or “no” to all of the items). To
address these concerns, I use a nationally representative sample that includes 1,920 randomly
selected respondents, so the study is sufficiently powered. Additionally, the survey round
focused on safety and security and the list experiment fit the context of the rest of the survey.
I designed a set of nonsensitive items where the mean number of items given is two (out of
a possible four). I included one item that I thought everyone might give – the police are far
away in addition to items that would be negatively correlated: the police are ineffective and
the police are violent. Finally, I included an item that people might reject: the police are
corrupt.

In the list experiment I make two assumptions in order to identify the causal effect of
the sensitive item on reporting crimes to the police. First, I assume that there are no design
effects. That is, including the sensitive item has no effect on respondents’ answers to control
items. I do not require respondents to tell the truth regarding the control items but I do
assume that the inclusion of the treatment item does not change the sum of those in the
control. Second, I assume that study participants give truthful answers for the treatment
item, which is called the no liars assumption (Blair and Imai 2012).

Given these two assumptions, I use the standard difference-in-means estimator as an
unbiased estimate of the proportion of the population who affirmatively answer the sensitive
question.

τ̂ =
1

N1

N∑
i=1

TiYi −
1

N0

N∑
i=1

(1− Ti)Yi, (2)

and N1 =
∑N

i=1 notates the size of the group assigned to the treatment and N0 = N − N1

reflects the size of the control group. Following Graeme and Blair, I denote the population
proportion of each type as πyz = Pr(Yi(0) = y, Z∗

i,J+1 = Z) for y = 0, ...J and z = 0, 1,,
accordingly, πyz is identified ∀ y = 0, ..., J :

πy1 = Pr(Yi 6 y|Ti = 0)− Pr(Yi 6 y|Ti = 1), (3)

πy0 = Pr(Yi 6 y|Ti = 1)− Pr(Yi 6 y|Ti = 0), (4)

The standard list experiment design allows me to estimate the proportion of the pop-
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ulation that believes officers from other communities or areas decreases the willingness of
individuals to report crimes to police.
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